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ABSTRACT

Empirical propagation models (EPM) have got high interest in both research and various applications due
to their speed of execution and their limited dependence on detailed knowledge of the terrain. This paper
derives a model for predicting radio frequency propagation for Wireless Sensor Network (WSN)
deployment in natural grass environment. Real time physical data of ZigBee WSN are collected and an
empirical path loss prediction model is derived from the actual measurements. To validate the proposed
model, two popular models, FSPL and PE models, are used and a comparison of results is conducted.
The results show that the mentioned popular models with WSN wave propagation are inaccurate and cannot
be used in predicting the path loss between wireless sensor nodes deployed in natural grass environments.
Thus, a new propagation model is derived for natural grass Zighee WSN and to be used adequately by

researchers and developers.
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1. INTRODUCTION

WSN wave propagation, nowadays, has got
research with civilian, military and industria
societies of highly interest. Based on their
affective execution limited reliance on detailed
knowledge of the terrain. Although the study of
empirical propagation models for mobile channels
has been thorough, their applicability for WSN
applicationsis yet to be properly validated.

Wireless Sensor networks (WSNs) which are
composed of numerous of cost effective, low power
wireless sensing nodes with limited communication
and computing resources are abruptly participating
in diverse applications. WSANSs offer efficient, low
cost solutions to a wide range of applications in
both civilian and military fields, such as,
environment monitoring, telemedicine, precision
agriculture, fire detection, enemy and intruder
detection and tracking, battlefield surveillance,
building and home automation, seismic activities
and traffic regulation [1]. Currently, the most
promising of WSN technology in agriculture field
is ZigBee [2,3,4]. This protocol has been widely
adopted by WSN developer’s community; it relies
on the IEEE 802.15.4 standard [5]. ZigBee
technology is a low rate, low cost, low power

consumption wireless node protocol aiming to
remote and automation application systems. ZigBee
is expected to provide low power and cost
connectivity for nodes that need along operation of
battery of severa years with low data rate. The
ZigBee standard is expected to transmit over 10-75
meters based on the RF power output consumption
for specific application and the environment, and
operates in the unlicensed RF worldwide 2.4 GHz
with 250 Kbps data rate [1].

Since vegetation areas are covering a large
portion of the Earth’s surface, the propagation of
radio waves in vegetation has long been of
researcher’s interest. Radio waves propagating in
vegetation usually experience much higher path
loss than in environments without vegetation.
Therefore, well known of the propagation
mechanisms through vegetation is critical for
communication and sensing in such environments.
However, WSN nodes are spatial distribution in the
field and must consider al the parameters that may
have affected the wireless channel communication
[6].

To determine the behavior of electromagnetic
waves, a precise model of propagation must be
adopted, however models normally used in wireless
communication might not be precise describe the
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wireless sensor network. WSN nodes are spatially
located, usually near the earth's surface, thus may
induce absence of main ray between sender-
receiver nodes, which is known of no line of sight
(NLOS) status occur, although WSN nodes have
gpatially short distance distribution. Therefore,
WSN propagation waves may face obstacle like
trees, fence, building and dense foliage [1].

During deployment of WSN, wireless sensor
nodes can be placed in predefined locations [7],
thrown randomly in the field or placed using a
combination of both approaches [8]. The distance
separating nodes is usually determined according to
the sensing functionality and wireless transmission
capability of sensor nodes. In wireless
communications, radio frequency (RF) path loss
models are often used to predict the average
received power of the transmitted signal as its
power density decays as a function of the distance.
Such models are typicaly created according to
environmental characteristics where the transmitter
and receiver operate. In WSN, accurate RF models
are expected to help in achieving proper evaluation
and optimization of network performance during
the deployment planning process [9], to improve
power efficiency of sensor nodes [10], and to make
the localization and target detection applications
that depend on knowledge of the received signal
level morereliable [11].

There are two dominant channel modeling
approaches: theoretical (or deterministic) and
empirical (or probabilistic) [12].

Most of the published work in WSN adopts one
of two simplistic path loss models. Free Space Path
Loss (FSPL) and Plane Earth (PE) path loss models
[13, 14]. Both of these models are based on
simplistic approaches and are considered to be very
optimistic in near ground propagation scenarios as
the case in various outdoor applications of WSN. In
practical applications, prediction of the WSN
deployment, performance critically depends on
one's ability to model the propagation of the radio
signal between the nodes, which depends
fundamentally on the type of terrain and the type of
objects and foliage on the terrain [15]. Differences
in RSS readings of WSNSs deployed in outdoor
environments with different ground properties have
been reported in [16, 17, 18, 19, 20]. This paper
presents a model for the path loss prediction in
WSN that are deployed on natura grass

environments.

2. RELATED WORK

Manuscripts Propagation models are used
extensively in network planning, particularly for
conducting feasibility studies and during initial
deployment. They are aso very useful for
performing interference studies as the deployment
proceeds. These models can be generally classified
into deterministic and probabilistic. The laws
governing electromagnetic wave propagation to
determine the received signal power at a particular
location are defined by deterministic models. On
the other hand, probabilisic models are those
based on observations and measurements alone.
These models are the least accurate, but require the
least information about the environment and use
much less processing power to generate predictions
[21].

For open-space environments, most of the
published work relies on FSPL and Plane Earth
(2-Ray) model [22, 23, 24]. The fundamental
assumption behind the FSPL model is that the
transmitter and receiver have a line-of-sight (LOS)
communication with no obstructions or reflections
of any kind. In practical situations, “there are
amost always obstructions in or near the
propagation path or surface from which the radio
waves can be reflected.” [25]. Therefore, the FSPL
model is considered a very optimistic model to
predict received signal strength (RSS) between two
sensor nodes, as it does not take into account
obstructions, reflections, or other effects between
transmitter and receiver. Meanwhile, the Plane
Earth model considers two waves from the
transmitter to the receiver (i.e., A direct and ground
reflected wave). The PE model assumes the
separation between the transmitter and receiver is
much larger than antenna heights [12]. In addition,
it often represents the ground as a flat surface of
perfectly conducting. Such simplistic approach
leads to predictions that are not very accurate in
amost all rea-world scenarios. This is because
different grounds have different properties, which
govern the reflection of an incident wave [12].

Several empirical path loss models have been
proposed for different outdoor deployment
scenarios of WSN. In [20], for example, the
authors present two empirical path loss models
based on RF measurements of WSNs deployed in
sparse tree and long grass environments.
Meanwhile, [19] presents RF measurements and
empirical path loss model for WSN deployment in
artificial turf environments. In [17], the authors
present an empirical path loss model for wireless
sensor nodes deployed in dense tree environments.
The authors continue their work in characterizing
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signal propagation in different environments by
providing RF measurements and an empirical path
loss model for concrete surface environments [18].
Authors of [16] presents RF measurements and
empirical path loss model for WSN deployment in
agricultura fields and gardens. The parameters of
the empirical path loss models in [16], [17], [18],
[19] and [20] were found to be different from one
environment to another due to the differences that
exist in the wireless channels of such environments.

3. PATHLOSSMODELS

The signal path loss is essentially the reduction
in power density of an electromagnetic wave or
signal as it propagates through the environment in
which it is travelling. The step of choosing a path
loss model that fits the application is important in
planning a communication system [26]. Basically,
above mentioned propagation models, deterministic
model or probabilistic model [27], path loss
predictions are made using techniques outlined
below:

3.1 Deterministic Models

Deterministic models (theoretical models)
approach depends on the knowledge of the physical
laws of the wireless channel such as electrical
properties of the ground [12].

3.1.1 FreeSpacePath Loss (FSPL) Model

FSPL model is the loss in received signal
strength when LOS status exists in free space [28,
29, 30]. This model shows a decreases form of
received signal power which it is inversely
proportional to the square of the distance separate
transmitter and receiver units. Friis equation (1) for
this model is[32]:

p FomG % G = A
T 4m)ix gt

where P, P, is the received, transmitted signal
power respectively. G; and G, are the antenna gain
of transmitter and receiver respectively, A is the
wavelength and d is the distance between
transmitter and receiver. The FSPL model can be
expressed in terms of decibels, equation 2, where d
is the distance in meter, and f is the signa
frequency in MHz;
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3.1.2 PlaneEarth (PE) model

In this model, height of antenna will contribute
in the received signal [32]; as in equation 3, the
received signal power will be a function of antenna
height and the separation distance

P xG, xG, xh? xh?
d4
Where h; and h, are the transmitter and receiver

antenna heights, respectively (in meter). Path loss
can be calculated by equation 4.

P = 3

PL, €8} = aulog [ d) —2ulog, (b)) —2wlo= () (4)

The free space path formula is not fully
applicable where there are others interaction, such
as reflection, detraction, scattering and etc. as in
real environmental applications. Nevertheless, this
formula can be used to give an indication of what to
be expected [32].

3.1.3 Foliage Models

In real environments of a communication
system, reflections, scattering and diffractions
create more than a single path between transmitter
and receiver. Multipath propagation is particularly
likely when the antennas have low gain and are
near ground or close to other large reflection of
heavy foliage or building. The total signal voltage
at the receiver will experience varying degrees of
destructive or constructive interference due to
variable phase delay that occur along different
paths. Most terrestrial wireless communication
systems may require signals to pass through/over
foliage at some area along its propagation path.
Thus, WSN applications, such as agricultural
application, may face the challenge of impairing the
signal due to the existences of vegetation and crops.
Many studies have been carried out to characterize
and model the effects of vegetation experimentally.
They have been reviewed and summarized into

several  well-known  through-vegetation  loss
models, such as Weissberger's modified
exponential decay model [34], ITU

Recommendation (ITU-R) [35], COST235 model
[36] and FITU-R model [37].

3.2 Probabilistic Models

Probabilistic Models are based on actua RF
measurements of wireless channels. Advantages of
empirical path loss models over theoretical path
loss models include their ease of implementation
and their ability to include all environment-related

B ————————
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factors that affect the propagation of the radio wave
throughout actual measurements [12].

321 Log-distance Model
The log-distance expression indicates that the
average signal power decreases logarithmically
with the distance [38]. Some radio channels, for
indoor or outdoor signal propagation, follow the
log-distance model, which is given by (5):
d .
PLys(d) = PL(d) + 10 u log,, (T:]+ X (5]
%p
Where PL (dy) is the path loss at the reference (do),
o is the path loss exponent that represents the rate
of the path loss values increase as a function of log
of distance and (X;) is the normally distributed
random variable with zero mean and ¢ standard
deviation.

3.22 Power Regression

In [26] it has proposed a model for the precision
Agriculture environment using power regression.
The mathematical expression used to be:

d=ay? {6)

In which d is the distance (in meters) between the
transmitter and the receiver and S is the received
power (in dBm). The Least Squares Method is used
to determine the coefficients (a and b) of the
equation.

4. EXPERIMENTAL SETUP

RF propagation measurements were made in a
football stadium in the Perlis northern state of
Malaysia. The football stadium has natural grass. In
all RSS values that were recorded, the transmitting
and receiving antenna pair had a LOS
communication. The experiment was carried out
during the daytime in a scenario where there were
no obstructions or nearby objects that could have
altered the strength of received signals. Figure 1
shows the experimental setup.

Figure.l Photography Of The Experimental
Measurements

4.1 Wireless Nodes

The wireless nodes, used to acquire the path
attenuation data, are based on the |EE802.15.4
transceivers from Jennic Technology and the low
power 8-bit (0dBm), both the receiver and the
transmitter are equipped with a omnidirectional
antenna [39]. The nodes used in this work consist
of two modules of Jennic wireless nodes, one acts
as coordinates (Receiver node) and the other acts as
an end device (transmitter node) as shown in
Figure 1.

4.2 Methodology

Throughout the experiments, the intent was to
place a transmitting node at the center of the
designated deployment field and collect RSSI
readings at eight different distances (i.e., 5, 10, 15,
20, 25, 30, 35, and 40 meters) and along sixteen
different 22.5 degrees separated radials. Therefore,
an area of 80m x 80m isideally needed to carry out
each outdoor deployment scenario experiment.
Given the relatively narrow width of the football
field (i.e., around 50m), the experiment was divided
into two parts, with each part consisting of an area
of 40m x 80m. For each part, the received signal
strength (RSS) readings were collected at eight
different distances and along eight different 22.5
degrees separated radials (i.e., 0,22.5, 45, 67.5, 90,
112.5, 135, and 157.5 degrees).

The IEEE 802.15.4 standard operates in the
2.4 GHz ISM dong with other applications such
IEEE 802.11 and Bluetooth [40], sharing the same
frequency band. As a result, the 2.4 GHz ISM band
is quite noisy. For this reason, the experiments
described in this work used the channe 15
(2425 MHz frequency) which is found less noisy.

——————————
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The antennas used in this experiment have
omnidirectional radiation patterns with heights of
20 centimeters above the ground.

In each experiment, RSS readings are collected
at 128 measurement points. 300 RSS samples are
collected for each of the measurement points,
providing sufficiently large datasets for
approximating important statistical properties of the
environment path loss, such as path loss exponent,
path loss at reference distance, and shadowing
effects. Therefore, the RSS value provided for each
of the 128 measurement points is an average of 300
RSS samples. The receiving node was connected to
a laptop, where al the RSS readings were recorded
directly.

5. EXPERIMENTAL RESULTS

The RSS values collected in the football stadium
were converted into path loss values. This is
because the path loss is considered an independent
guantitative that exists outside the transmitting and
receiving system’s parameters. The path loss is a
positive quantity that represents signal attenuation,
and it is used to measure the degradation in the
strength of the signal as a function of distance. For
the sake of simplicity, the focus of the discussion
for the rest of this paper will be placed on path loss
rather than RSS. Generdly, the relationship
between the path loss, transmitted power, and
received power can be expressed by equation (7):

Pl =F —B+ &G+ G i

Where PLy refers to the path loss, Pt refers to the
transmitted power, Pr refers to the received power,
and G; and G, refer to the transmit and receive
antenna gain, respectively. Table 1 presents the
path loss values of the 128 measurement points and
Table 2 summarizesits statistical properties.
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Table 2: Avarege Path Loss [dB] And Standard

Deviation
Distance [neeter]

3 1§ | ] ] I3 M 33 4
AvrTagr

Path Loas | 09,72 | T0,TF ) B3 [ D 43 | 08 2% | 10230 | 10508 | 1DE.T
[a1H]
Srandard

Devigliow | 106 | 192 [ 1223 X05 [ L48 [ 275 | 143 | 112
[ItR]

Figure 3 illustrates the average path loss values
presented in Table 2 versus the log of distance.
Additionally, the linear regression line illustrated in
the Figure 3 and its equation in (8).
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Figure3: Average Path Loss And Linear Regression
Line

From Figure 3, it is clear that the path loss
increases as a function of distance. Nevertheless,
the variations caused by multipath fading happen
most likely as a result of the reception of two
waves, which can either be constructive when the
direct and ground reflected waves arrive in phase or
destructive when they come out of phase [41].
However, such variation may be modeled using
equation (5) (that's known as log-normal equation).
The linear regression equation is:

y = 42.62% +38.99 ()

To model the path loss for RF propagation in
the natural grass environment, we correlate the
above eguation with the log normal equation in (5),
which results in the proposed path loss equation
and parameters presented in Table 3.

Table 3: Natural Grass Path Loss Model

Eovirnpaenl | Fath Loss Mo el i il K

Mobval Grass | 4209543922 4.1 RERL 1.id

Where, PL (d,) is the path loss at the reference
distance (d, =1 m), X, is calculated as the average
of the standard deviation values presented in
Table 2.

Table 4 presents the path loss values obtained
from Free Space Path Loss (FSPL), Plane Earth
(PE) and the Natural grass path loss models. The
parameters used to obtain the path loss valuesin the
FSPL and PE models are the same as in the actual

measurements.

Table. 4:. Path Loss Predicted By FSPL, PE and
Natural Grass Models

IMegance |merer]

Mudd
T | 15 [ 2 | 25 | 30 A5 He

h

Fal'L [ 547 601 [ 658 [ 66 | ST | 606 [ 710 | 721

PL | 55.9|670Q| 750 | 800 855|870 |Be.7 | 020

Natural
Crass

GET [ TR S1T | D63 | Bh3[ 1013 | 1051 | 1080

Figure 4 illustrates the path loss values that are
obtained from the three models presented in
Table 4.

110
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29 1 11 12 13 L+ 1§ 16
Log | Distanca (mi]

Figure 4: Empirical Measurements And Path
Loss Predicted by FSPL and PE Models

From Figure 4, it is clearly seen that large
differences exist between the path loss predicted by
the empirical and theoretical models. The
differences in path loss prediction can be evaluated
dtatistically, using Absolute Percentage Error
(APE) and Mean Absolute Percentage Error
(MAPE), which isshownin table5.

In Table 5, The comparison between largely
used theoreticall models (FSPL and PE) and the
proposed model produces large MAPES
(29.77% and 16.24%). The large MAPE between
FSPL model and the proposed model indicates its
unsuitability of FSPL as a path loss prediction tool
for sensor nodes deployed in natural Grass.
Meanwhile, from Table 5, it is clear that APES
between PE model and the proposed model
decrease as the distance increases. However, the
MAPE indicates that PE model is still inaccurate in
predicting the path loss in such environments.
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Table5: APE (%) AND MAPE(%)

Lristance

Moddel
Smo | lim | 15m | 20m (25 |3 [ 25m (40m

FEPL | 2138 [ 1400 | 20.04) 3130 | 3142 [ 3186 | 3248 | 3334

I Ray [ [e@ | 9] [ FR20 [ VA5 [ 1561 1L5F | 1183 | .31

6. CONCOLUSION

Accurate RF path loss models have various
advantages in WSN, which include the facilitation
of the planning process of WSN deployment,
improvement in localization and target tracking
applications that rely on the knowledge of RSS, and
enhancement in battery efficiency of sensor nodes.

In this paper, A new natural grass path loss
model is derived based on empirical measurements
in the field. The experiment was carried out in a
football stadium in the Perlis northern state of
Malaysia. The collected path loss measurements of
the new model were compared with well known
theoretical path loss prediction models (FSPL
model and PE model). The comparison
demonstrated large differences between the new
model measurement val ues and these obtained from
the theatrical models, the predicted path loss values
of FSPL were too optimistic, while the PE
predictions was more redlistic but are still
inaccurate.

Thus, this research provides a new empirical
path loss propagation model that to be adopted by
researchers for natural grass WSN propagation

aspects.

REFRENCES:

[1] R. Morais, M. A. Fernandes, S. G. Matos, C.
Ser"odio, P. Ferreira, and M. Reis, 2008. "A
zigbee multi-powered wireless acquisition
device for remote sensing applications in
precision  viticulture", Computers and
Electronics in Agriculture, vol. 62, no. 2, pp.
94 - 106.

[2] Sabri Naseer, Aljunid SA, Ahmad RB, Malek
MF, Abid Yahya, Kamaruddin R, Salim MS
(2012), "Smart Prolong Fuzzy Wireless
Sensor-Actor Network for  Agricultural
Application”, Journal Of Information Science
And Engineering, JISE.28 (2), pp:295-319.

[3] Camilli, C. E. Cugnasca, A. M. Saraiva, A. R.
Hirakawa, and P. L. Correa, “From wireless
sensors to field mapping: Anatomy of an
application  for  precision  agriculture,”

Computers and Electronicsin Agriculture, vol.
58, no. 1, pp. 25-36, 2007.

[4] N.Wang, N. Zhang, and M.Wang, “Wireless
sensors in agriculture and food industry—
recent development and future perspective,”
Computers and Electronicsin Agriculture, vol.
50, no. 1, pp. 1-14, January 2006.

[5] I|EEE standard 802.15.4. "Wireless Medium
Access Control (MAC) and Physical Layer
(PHY) Specifications for Low-Rate", Wireless
Personal Area Networks (LR-WPANS), |EEE,
2003.

[6] Sabri, Naseer, et a, "Path Loss Analysis of
WSN Wave Propagation in
Vegetation." Journal of Physics', Conference
Series. Vol. 423. No. 1. IOP Publishing, 2013.

[71 C. E. Otero, A. Velazquez, |. Kostanic, C.
Subramanian, J.-P. Pinelli and L. Buist, "Real-
Time Monitoring of Hurricane Winds using
Wireless and Sensor Technology,” Journal of
Computers, vol. 4, no. 12, pp. 1275-1285,
2009.

[8] C. E. Otero, |. Kostanic and L. D. Otero, "A
multi-hop, Multi-segment Architecture for
Perimeter Security Over Extended
Geographical Regions using Wireless Sensor
Networks," in IEEE Wireless Hive Networks
Conference, 2008.

[9] C.E. Otero, W. H. Shaw, |. Kostanic and L. D.
Otero, "Multiresponse Optimization of
Stochastic WSN Deployment Using Response
Surface Methodology and Desirability
Functions," |EEE Systems Journal, vol. 4, no.
1, pp. 39-48, 2010.

[10] R. P. Sawant, Q. Liang, D. O. Popa and F.

Lewis, ""Experimental Path Loss Models for

Wireless Sensor Networks," in EEE Military

Communications Conference, Orlando, FL,

USA, 2007.

I. F. Akyildiz and M. C. Vuran, "Wireless

Sensor Networks', Wiley, 2010.

[12] T. S. Rappaport, "Wireless Communications:
Principle and Practice”, 2nd Edition ed.,
Upper Saddle River, NJ, USA: Prentice Hall,
2002.

[13] C. E. Otero, |. Kostanic, A. Peter, A. Ejnioui

and L. D. Otero,"Intelligent System for

Predicting Wireless  Sensor  Network

Performance in On-Demand Deployments”, in

IEEE Conference on Open Systems (ICOS),

Kuaa Lumpur, 2012.

C. E. Otero, I. Kostanic and L. D. Otero,

"Development of a Simulator for Stochastic

Deployment of Wireless Sensor Networks,"

[11]

[14]

412




Journal of Theoretical and Applied Information Technology
31* August 2015. Vol.78. No.3

© 2005 - 2015 JATIT & LLS. All rights reserved-

-
NI

ISSN: 1992-8645

www.jatit.org

E-ISSN: 1817-3195

Journal of Networks, vol. 4, no. 8, pp. 754-
762, 20009.

[15] C. E. Otero, R. Haber, A. Peter, A. Al Sayyari

[16]

and T. Kostanic, "A Wireless Sensor
Networks Analytics System for Predicting
Performance in On-Demand Deployments,"
|EEE Systems Journal (in-press), 2014.
Balachander, D., T. Rama Rao, and G.
Mahesh, "RF propagation investigations in
agricultural fields and gardens for wireless
sensor  communications',  Information &
Communication Technologies (ICT), 2013
| EEE conference on. | EEE 2013.

[17] A. AlSayyari, |. Kostanic and C. E. Otero, "An

Empirical Path Loss Model for Wireless
Sensor Network Deployment in Dense-Tree
Environment," in IEEE Sensors Applications
Symposium (in-press), Queenstown, New
Zedand, 2014.

[18] A. AlSayyari, |. Kostanic and C. E. Otero, "An

Empirical Path Loss Model for Wireless
Sensor Network Deployment in a Concrete
Surface Environment,” in 8th Annua |EEE
International Systems Conference (in-press),
Ottawa, Ontario, Canada, 2014.

[19] A. AlSayyari, |. Kostanic and C. E. Otero, "An

Empirical Path Loss Model for Wireless
Sensor Network Deployment in an Artificia
Turf Environment", in IEEE Internationa
Conference on  Networking, Sensing and
Controal (in-press), Miami, 2014.

[20] C. E. Otero, R. Haber, A. Peter, A. AlSayyari

and |. Kostanic, "A Wireless Sensor
Networks Analytics System for Predicting
Performance in On-Demand Deployments',
|EEE Systems Journal (in-press), 2014.

[21] Abhayawardhana, V. S., et al. "Comparison of

[22]

empirical propagation path loss models for
fixed wireless access systems', Vehicular
Technology Conference, 2005. VTC 2005-
Spring. 2005 |EEE 61st. Vol. 1. IEEE, 2005.
M. Pande, N. K. Choudhari and S. Pathak,
"Energy efficient hybrid architecture and
positioning of sensors in WSN for precision
agriculture”, in Proceedings of the CUBE
I nternational Information Technology
Conference, 2012.

[23] S. Willis and C. Kikkert, "Radio propagation

model for long-range wireless sensor
networks', in 6th International Conference on
Information, Communications & Signal
Processing, Singapore, 2007.

[24] J. S. Neto, J. R. Neto, Y. Yang and I. Glover,

"Plausibility of practical low-cost location
using WSN path-loss law inversion,” in IET

[25]

International Conference on Wireless Sensor
Network, Beijing, China, 2010.

G. Mao, B. D. O. Anderson and B. Fidan,
"Path loss exponent estimation for wireless
sensor network localization”, Computer
Neworks, vol. 51, no. 10, pp. 2467-2483,
2007.

[26] Correia, Felipe P., et a. "Propagation analysis

in Precision Agriculture environment using
XBee devices', Microwave &
Optoelectronics Conference (IMOC), 2013
SBMO/IEEE MTT-S International. |EEE,
2013.

[27] A. Kuntz, F. Schmidt- eisenlohr, O. Graute, H.

[28]

[29]

[30]

[31]

[32]

Hartenstein, and M. Zitterbart, “Introducing
probabilistic radio propagation models in
omnet++ mobility framework and cross
validation check with ns-2” ,2008.

Y. S. Meng, Y. H. Lee, and B. C. Ng, 2009.
Empirical near ground path loss modeling in a
forest at vhf and uhf bands. |EEE Transactions
on Antennas and Propagation, vol. 57, no. 5,
pp. 1461 -1468.

M. A. Weissberger, 1982, "An Initial Critical
Summary of Models for Predicting the
Attenuation of Radio Waves by Trees',
Electromagnetic ~ Compatibility ~ Analysis
Center, Annapolis MD.

N. Blaunstein, 2000, "Radio Propagation in
Cellular Networks', Artech House, Norwood,
MA.

CCIR, 1986, "Influences of terrain
irregularities and vegetation on tropospheric
propagation”, tech. rep., CCIR Report.

J. D. Parsons, 2000, "The Mobile Radio
Propagation Channel”, 2nd ed., Wiley, West
Sussex.

[33] K. Sarabandi and I. Koh, “Effect of canopy-air

[34]

interfface  roughness on hf-vhf  wave
propagation in forest”, |IEEE Transactions on
Antennas and Propagation, Vol. 50, No. 2,
February, 2002.

Weissberger, M. A., "An initial critica
summary of models for predicting the
attenuation of radio waves by foliage",
Electromagnetic  Compatibility ~ Analysis
Center, Annapolis, MD, ECAC-TR-81-101,
1981.

[35] CCIR, "Influences of terrain irregularities and

vegetation on troposphere propagation”, CCIR
Report, 235-236, Geneva, 1986.

[36] COST235, "Radio propagation effects on next-

generation  fixed- service  terrestria
telecommunication systems', Final Report,
L uxembourg, 1996.

e —
413




Journal of Theoretical and Applied Information Technology
31* August 2015. Vol.78. No.3

© 2005 - 2015 JATIT & LLS. All rights reserved- R
NI
ISSN: 1992-8645 www.jatit.org E-ISSN: 1817-3195

[37] Al-Nuaimi, M. O. and R. B. L. Stephens,
"Measurements and prediction model
optimization for signal attenuation in
vegetation media a centimeter wave
frequencies', IEE Proc. Microw. Antennas
Propag., Val. 145, No. 3, 201- 206, 1998.

[38] T. S. Rappaport, "Wireless Communications -
Principles and Practice", Prentice Hall, 2a
Edition, 2002.

[39] http:// www.jennic.com/products/modules/

[40] K. Mohamad Yusof, J. Woods and S. Fitz,
"Frequency Scanning Using Software Defined
Radio for Localised Range Estimation”, in 3rd
international Conference  on  Sensor
Technologies and Applications., Athens,
Glyfada, Greece. , 2009.

[41] T. S. Rappaport, "Wireless Communications:
Principle and Practice", 2nd Edition ed. ,
Upper Saddle River, NJ, USA: Prentice Hall,
2002.

414



