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ABSTRACT 

 
This study is quantitative research that examines the role of financial literacy and behavioural biases among 
MSME actors in Indonesia in shaping decisions related to digital adoption. This study uses data from 180 
MSME owners and managers operating in Indonesia and applies Partial Least Squares Structural Equation 
Modelling (PLS-SEM) for data-analysis. The findings show that financial literacy has a positive influence 
on digital adoption, while heuristics, loss aversion, and overconfidence have negative effects on digital 
adoption. Hedonic motivation, as a moderating variable, strengthens the relationship between financial 
literacy and digital adoption and reduces the negative effects of heuristics and overconfidence. However, 
hedonic motivation does not reduce the influence of loss aversion on digital adoption. This study contributes 
to the literature by developing an integrated framework that combines financial literacy, behavioural biases, 
and hedonic motivation in explaining digital adoption decisions among MSMEs, while extending behavioural 
research through the identification of the moderating role of hedonic motivation in shaping bias-driven 
decision-making, and providing empirical evidence from the Indonesian MSME context, where such 
integrated analyses remain limited. Digitalisation should be accompanied by improvements in financial 
literacy and the development of user-friendly and enjoyable digital systems. 
Keywords: Digital adoption, Behavioural Biases, Financial Literacy, MSME, Hedonic Motivation. 
 

1 INTRODUCTION 

 
Micro, Small and Medium Enterprises 

(MSMEs) serve as one of the primary drivers of 
Indonesia’s economy. This sector accounts for 
61.9% of the nation’s GDP, with approximately 65.5 
million enterprises operating nationwide as of 2025. 
Recent statistics further indicate a total of 
59,519,650 MSMEs formally registered in 
Indonesia, consisting of both non-agricultural 
sectors and the agricultural-fisheries sectors. Non-
agricultural MSMEs constitute 50.7% of registered 
enterprises, a total of 30,178,617 units, and are 
predominantly composed of micro business units. 
Meanwhile, agricultural and fisheries MSMEs 
represent 49.3% of registered enterprises, amounting 
to 29,341,033 units, the vast majority of which 
operate as individual agricultural businesses. These 
figures underscore that MSMEs are not only the 

backbone of Indonesia’s economic activity, but also 
a critical source of employment, absorbing around 
97% of the national workforce and representing 
approximately 99% of business units.  
 

 
 

Figure 1: Sectoral Composition of Registered MSMEs in 
Indonesia. 
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Given their pivotal role in the economy, 
MSMEs’ competitiveness and sustainability are 
strongly influenced by their level of financial 
literacy, as it strengthens their ability to navigate 
market uncertainties and capitalise on available 
opportunities [1]. Nevertheless, many MSMEs 
continue to struggle to implement effective financial 
management, largely due to insufficient financial 
literacy [1]. Sari et al. [2] suggests that this is partly 
explained by MSME actors’ tendency to prioritise 
business survival above other strategic 
considerations. Such circumstances increase 
susceptibility to cognitive biases, systematic patterns 
in judgement and information processing that can 
lead to suboptimal decisions [3], [4], [5], [6]. Such 
distortions frequently manifest into biases such as 
overconfidence, heuristics, and loss aversion [7], [8], 
collectively constraining rational decision-making 
within MSMEs. Compounding this issue, a majority 
of MSMEs are found to lack the managerial and 
digital expertise required to effectively implement 
and benefit from digital transformation [9]. These 
limitations lead to irrational financial judgement, 
impede strategic planning, and threatens long-term 
sustainability.  
 

In response, the importance of financial 
literacy has been widely affirmed as a key 
determinant of sound financial behaviour [10], [11], 
[12], [13], [14]. Empirical evidence by Dewi et al. 
[15] demonstrates that financial attitudes and 
competencies are strongly linked to improved 
financial management behaviour among MSME 
actors. Similarly, MSME performance, reflected on 
the ability to manage financial resources and carry 
out effective decision making, has been shown to be 
closely associated with the level of financial literacy 
of MSME actors [11]. 
 

Alongside financial capability 
considerations, Indonesia’s rapid digital 
transformation introduces both opportunities and 
challenges for MSMEs [2], [9], [16], [17], [18]. 
Policymakers and industry stakeholders widely 
acknowledge that digitalisation plays a crucial role 
in enabling MSMEs to capitalise on emerging 
opportunities and substantially enhance operational 
effectiveness [19], [20]. In parallel with this shift, 
digital adoption among Indonesian MSMEs has 
increased by approximately 24% since 2024, rising 
to 50% of MSMEs having transitioned to digital 
platforms as of 2025. 
 

 
 

Figure 2: MSME Growth Amid Indonesia’s Digital 
Transformation (2024–2025). 

 
Despite the growing rate of adoption, 

scholarly understanding of MSME digital decision-
making remains fragmented. Prior research on 
MSME digital adoption revolves around examining 
financial literacy, fintech usage, or behavioural 
biases separately resulting in a disjointed 
understanding of decision-making in digital contexts 
[2], [21], [22], [23], [24]. Evidence has shown that 
fintech adoption can yield inconsistent results when 
behavioural and capability constraints are present, 
yet integrated models capturing these interactions 
remain limited [23]. The Indonesian MSME 
landscape observed resistance to digital adoption 
further suggests that behavioural influences are not 
fully explored [2], while mixed empirical findings 
question whether managerial biases and fintech 
usage consistently improve MSME financial 
behaviour [24]. Moreover, studies examining 
hedonic motivation are primarily concentrated on 
consumer technology adoption, with limited 
exploration of its moderating function within MSME 
digitalisation decisions [21], [25], [26]. 
Consequently, a gap persists in establishing a unified 
framework that integrates behavioural biases, 
financial literacy, and motivational drivers to explain 
digital adoption among Indonesian MSMEs. 
 
To address this gap, this study investigates the 
integrated effects of financial literacy, behavioural 
biases, namely overconfidence, heuristics, and loss 
aversion, and hedonic motivation on digital adoption 
among Indonesian MSMEs. Specifically, hedonic 
motivation is positioned as a moderating factor that 
conditions the relationship between the behavioural 
biases and financial literacy on digital adoption, 
thereby providing a more comprehensive 
understanding of the interplay between financial and 
non-financial determinants shaping MSME 
openness towards digital technologies. In doing so, 
this study contributes to the existing literature by 
developing an integrated framework that 
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simultaneously captures cognitive, financial, and 
motivational influences on digital adoption, while 
extending prior behavioural research through the 
examination of the moderating role of hedonic 
motivation in reducing the negative effects of 
cognitive biases. In addition, this study provides 
empirical evidence from the Indonesian MSME 
context, where such integrated analyses remain 
limited. 
 
 From a practical perspective, the findings 
of this study offer important implications for 
policymakers and stakeholders in designing more 
effective and inclusive digitalisation strategies 
targeted towards MSMEs. By demonstrating the role 
of financial literacy, behavioural biases, and hedonic 
motivation, this study suggests that digital adoption 
initiatives should not solely focus on enhancing 
technical capabilities but also address behavioural 
constraints and improve the perceived ease, 
enjoyment, and usability of digital platforms to 
encourage broader MSME participation. 

2 LITERATURE REVIEW AND 
HYPOTHESIS DEVELOPMENT 

2.1 Literature Review 

 
Technological developments have 

progressed at a rapid pace and have now transformed 
economic activities, particularly in the fields of 
financial services and business operations. 
Digitalisation is often seen as an effective means of 
improving efficiency, expanding business access, 
and maintaining business competitiveness in this 
increasingly dynamic market. However, the decision 
to adopt digital technology is not solely determined 
by the availability of the technology itself, but also 
by behavioural and psychological factors that 
influence how an individual thinks and makes 
decisions. Not all SMEs think rationally when 
making decisions. Often, MSMEs are influenced by 
certain psychological biases rather than evaluating 
the information they receive comprehensively. 
 

One of the most common biases is 
overconfidence. This bias reflects a tendency among 
business owners to overestimate their knowledge, 
abilities and level of control. This leads decision-
makers to become overconfident, causing them to 
disregard structured digital systems and external 
information as they rely too heavily on their own 
judgement. According to previous research, this bias 
can hinder business owners from embracing fintech 

and digital solutions, which ultimately slows down 
the adoption process [27], [28]. 

 
Another bias is loss aversion. Loss aversion 

refers to a business owner’s tendency to fear losses 
far more than they enjoy gains, which makes them 
afraid to try new things or take the wrong steps in 
decision-making. This bias is a major barrier to the 
adoption of fintech and technology. Various studies 
show that due to uncertainty, data security issues, 
and operational procedures that are not yet fully 
understood, digital platforms are often 
misinterpreted as something risky [27], [29]. 
MSMEs perceive traditional business practices as 
safer and easier to manage; therefore, MSME 
decision makers who exhibit loss aversion 
tendencies tend to postpone or even avoid digital 
initiatives [30] 
 

Another bias that affects digital adoption is 
heuristics. Heuristics represent a behaviour in which 
MSMEs make decisions based on past experience or 
long-standing habits without deep consideration, 
which leads them to resist change or new 
innovations. Previous research states that heuristics 
such as representativeness bias and availability bias 
influence technological and financial decisions, 
including decisions related to the use of digital 
platforms [28]. Based on other studies, decision 
making driven by heuristic bias can limit MSMEs in 
conducting a thorough evaluation of the actual 
benefits of digital technology, resulting in digital 
adoption behaviour that is inconsistent or tends to be 
hesitant [31]. 
 

In contrast to heuristics and loss aversion, 
which hinder digital adoption, financial literacy 
instead plays an important role as a capability that 
can help reduce the negative impact of behavioural 
biases. Financial literacy is not only related to the 
understanding of financial concepts but also includes 
the skills and confidence of MSME actors in 
managing financial products and using digital tools 
in business decision making. Previous research has 
shown that business owners with higher levels of 
financial literacy are better able to understand digital 
systems, assess potential risks, and adopt digital 
financial services more effectively [14], [32]. 
Furthermore, previous research has also found that 
better financial literacy can help SMEs manage their 
finances in a more structured manner, utilise fintech 
solutions, and achieve a higher level of readiness for 
digitalisation. [24], [30]. 
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In addition to these biases, there is hedonic 
motivation, which refers to the tendency for MSME 
operators to adopt technology when it is perceived 
as enjoyable, easy to use, and provides a comfortable 
user experience. Previous research has shown that an 
individual’s intention to adopt digital technology 
increases when the digital platform offers a positive 
and enjoyable experience [33]. In the context of 
fintech and digital finance, this sense of enjoyment 
makes users more active, encourages more frequent 
use, and promotes sustained usage, particularly 
among those already accustomed to digital 
technology [24]. 

 
This study employs behavioural economics 

as its primary theoretical framework, as this theory 
emphasises that decision-making is not always 
rational and logical. In practice, the decisions made 
by business owners are often influenced by cognitive 
biases and cognitive limitations, particularly when 
individuals face uncertainty and are bombarded with 
excessive information [34]. In the context of 
MSMEs, this perspective is relevant because 
business owners must consider many factors before 
deciding to adopt digital technology. Previous 
research has also shown that behavioural economics 
is increasingly being used in financial and business 
studies, where loss aversion, overconfidence, and 
heuristics are factors that frequently influence the 
decision-making process [35]. 
 

In addition to Behavioural Economics 
Theory, this study also refers to the UTAUT3 
framework to explain the role of hedonic motivation 
in digital adoption. Previous research shows that 
when digital platforms are perceived as enjoyable 
and easy to use, individuals become more open and 
willing to accept and utilise them, even when 
uncertainty and perceived risk are still present [33]. 
Therefore, hedonic motivation is positioned as a 
moderating variable in this study, as it is expected to 
influence the strength or weakness of the role of 
behavioural biases and financial literacy in shaping 
digital adoption decisions among MSMEs [33]. 
 

Despite the rapid advancement of digital 
technology, it has proved highly beneficial for SMEs 
in developing their businesses. However, not all 
business owners are consistent in adopting digital 
technology. Previous research has shown that 
decision-making is not always rational, as many 
SMEs are often influenced by behavioural biases 
such as overconfidence, loss aversion and heuristics. 
However, these factors are usually studied separately 

and are rarely combined within a single research 
framework to explain digital adoption. 
 

Furthermore, there are financial literacy and 
hedonic motivation, both of which influence 
decision-making regarding the adoption of digital 
technology. However, the role of hedonic motivation 
as a moderating factor in the relationship between 
behavioural biases, financial literacy, and digital 
technology adoption has been limited in previous 
studies. 
 

Therefore, given the limited research 
integrating these variables, this study aims to 
examine the role of behavioural bias, financial 
literacy, and hedonic motivation in shaping digital 
adoption among SMEs in Indonesia. 

2.2 Research Questions 

Based on the research question below, this study 
proposes several hyphothesis as preliminary answers 
that will be tested. These hyphothesis are grounded 
in previous studies, which aimed to investigate the 
relationship between behavioural biases, financial 
literacy, hedonic motivation, and digital adoption. 
These hyphothesis provide a clear direction for 
testing whether the research questions are supported 
by the data.  
 
1. How does heuristics influence digital adoption 

among Indonesian MSMEs?  
2. How does overconfidence influence digital 

adoption among Indonesian MSMEs?  
3. How does loss aversion influence digital 

adoption among Indonesian MSMEs?  
4. How does financial literacy influence digital 

adoption among Indonesian MSMEs?  
5. How does hedonic motivation moderate the 

relationship between heuristics and digital 
adoption among Indonesian MSMEs?  

6. How does hedonic motivation moderate the 
relationship between overconfidence and digital 
adoption among Indonesian MSMEs?  

7. How does hedonic motivation moderate the 
relationship between loss aversion and digital 
adoption among Indonesian MSMEs?  

8. How does hedonic motivation moderate the 
relationship between financial literacy, and 
digital adoption among Indonesian MSMEs?  

2.3 Hypothesis 

2.3.1 Heuristics and digital adoption 

 
Time constraints reduce the cognitive 

capacity available for careful information 
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evaluation, increasing uncertainty in decision 
making [36]. Moreover, excessive information may 
impede rather than facilitate decisions, as 
information overload reduces individuals’ ability to 
effectively compare alternatives [37]. Under such 
conditions, decision-makers are more likely to rely 
on heuristic-based processing instead of engaging in 
systematic analytical reasoning [4]. Supporting this, 
Meier et al. [38] find that during heuristic processing 
tends to dominate during periods of low cognitive 
engagement. These behavioural and cognitive 
patterns are critical in shaping adoption outcomes, as 
individuals’ behavioural responses significantly 
influence their adoption of digital technologies [33]. 
Based on these considerations, the following 
hypothesis is proposed: H1. HR has a negative effect 
on DA amongst Indonesian MSMEs 
 

2.3.2 Overconfidence and digital adoption 

 
Overconfidence refers to an inflated 

subjective belief in one’s abilities that distorts 
objective judgement, leading individuals to 
overestimate their competence bases on personal 
reasoning rather than evidence-based evaluation 
[27], [39]. Empirical evidence indicates that such 
cognitive bias may hinder the adoption of digital 
innovations, as overconfidence reduces individuals’ 
propensity to adopt fintech and other emerging 
digital technologies. Overconfident individuals also 
tend to rely excessively on existing routines or 
familiar systems, perceiving little need for change or 
external technological support, which increases the 
risk of overestimating positively perceived 
outcomes while underestimating potential negative 
consequences [27]. Based on the implications above, 
the following hypothesis is proposed: H2. 
Overconfidence has a negative effect on digital 
adoption amongst Indonesian MSMEs. 
 

2.3.3 Loss aversion and digital adoption 

 
Individuals are said to be more loss averse 

when the perception of potential losses outweighs 
the equivalent gains, causing decision-making to 
focus on avoiding losses even at the expense of 
potential benefits [38]. In the context of digital 
adoption, this perception manifests as financial risk, 
defined as the possibility of losses or unforeseen 
costs associated with digital financial services, 
which is often viewed as a major barrier despite the 
operational advantages of digitalisation [40], [41]. 
Conversely, some studies suggest that loss aversion 

may also motivate adoption, as individuals may 
engage in digitalisation to mitigate future losses 
[42]. Accordingly, the following hypothesis is 
proposed: H3. Loss aversion significantly affects 
digital adoption amongst Indonesian MSMEs. 
 

2.3.4 Financial literacy and digital adoption 

 
Prior studies have extensively explored the 

link between financial literacy, defined as a 
fundamental understanding of economics and 
finance required for personal financial decision-
making [32], and digital adoption. Greater financial 
literacy enhances decision-making capability, 
reduces hesitation toward new technologies, and 
lowers resistance to technology by mitigating 
cognitive biases, thereby encouraging MSMEs to 
adopt digital innovations [27]. Country-level 
evidence further shows that financial literacy 
promotes the use of digital payments and financial 
services while reducing barriers such as distrust and 
risk aversion [41], [43]. Although it does not 
eliminate cognitive biases entirely, financial literacy 
significantly reduces their impact, enabling MSME 
decision-makers to make more informed judgements 
regarding digital adoption [27]. Based on the 
information above, the following hypothesis is 
proposed: H4. Financial literacy has a positive effect 
on digital adoption amongst Indonesian MSMEs. 
 

2.3.5 Heuristics, digital adoption, and 
hedonic motivation 

 
Derived from the UTAUT3 model, hedonic 

motivation, the enjoyment or pleasure users obtain 
from technology, promotes digital acceptance by 
increasing both adoption intentions and continued 
use, with evidence showing strong positives effects 
in digital financial services and other emerging 
technologies [25], [26], [44], [45]. At the same time, 
decision-making under information overload and 
limited cognitive capacity increases reliance on 
heuristics, which may influence MSME digital 
adoption [4], [33], [37]. As hedonic motivation 
serves as a positive predictor of users’ inclination 
toward technology [46], it is therefore expected to 
condition how heuristic-based decision-making 
shapes digital adoption outcomes. Based on this 
discussion, the following hypothesis is proposed: 
H5. Hedonic motivation moderates the relationship 
between heuristics and digital adoption amongst 
Indonesian MSMEs. 
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2.3.6 Overconfidence, digital adoption, and 
hedonic motivation 

 
Hedonic motivation, conceptualized in the 

UTAUT3 framework as the pleasure derived from 
technology use, acts as a strong behavioural driver 
of digital adoption by reinforcing both initial 
intention and continued engagement [26], [44], [45]. 
Empirical studies associate this motivation with 
greater adoption of digital financial services and 
other emerging technologies [25], [44]. Conversely, 
overconfidence, characterized by inflated self-
assessment, can distort judgement and suppress 
openness to digital innovation, as reliance on 
familiar practices may lead decision-makers to 
underestimate risks and resist fintech adoption [27], 
[39]. Given this discussion, the following hypothesis 
is proposed: H6. Hedonic motivation moderates the 
relationship between overconfidence and digital 
adoption amongst Indonesian MSMEs. 
 

2.3.7 Loss aversion, digital adoption, and 
hedonic motivation 

 
The positive experience associated with 

technology use, hedonic motivation, promotes 
digital adoption by reinforcing both willingness to 
engage and continued usage, with evidence linking 
it to stronger uptake of digital financial services and 
other emerging technologies [25], [26], [44], [45]. In 
contrast, loss aversion, the tendency to weigh 
potential losses as more impactful than equivalent 
gains, drives decision-making towards risk 
avoidance [38]. In digital settings, perceived 
financial risk from adopting digital financial services 
is viewed as a key barrier despite possible 
operational benefits [40], [41]. However, this same 
bias may also promote adoption when digitalisation 
is interpreted as a means of preventing future losses 
[42]. As hedonic motivation positively predicts the 
openness toward technology use [46], it is expected 
to operate as a conditional mechanism on whether 
loss aversion discourages or facilitates digital 
adoption outcomes. Based on this discussion, the 
following hypothesis is proposed: H7. Hedonic 
motivation moderates the relationship between loss 
aversion and digital adoption amongst Indonesian 
MSMEs. 

2.3.8 Financial literacy, digital adoption, and 
hedonic motivation 

 
The enjoyment associated with technology 

use, hedonic motivation, is known to encourage 

digital acceptance by strengthening users’ 
willingness to engage with new systems, with 
evidence linking it to higher intention to adopt 
digital financial services and broader technology 
uptake [25], [26], [44], [45]. Financial literacy, 
defined as a foundational understanding of 
economics and finance for personal decision-making 
[32], is similarly associated with MSME digital 
adoption because it improves judgement and reduces 
hesitation towards innovation. Studies indicate that 
financial literacy mitigates cognitive biases, lowers 
resistance to new technologies, and reduces barriers 
such as distrust and risk aversion in digital financial 
contexts [27], [41], [43]. Given that hedonic 
motivation positively predicts openness to 
technology use, [46] it is expected to moderate the 
relationship between financial literacy and digital 
adoption among Indonesian MSMEs. Accordingly, 
the following hypothesis is proposed: H8. Hedonic 
motivation moderates the relationship between 
financial literacy and digital adoption amongst 
Indonesian MSMEs. 
 

 
 

Figure 3: Conceptual Research Model and Hypothesis 
Development. 

3 METHODOLOGY 

3.1 Research Approach and Sampling 
Technique 

This study adopts a quantitative explanatory 
approach to understand how behavioural biases, 
financial literacy, and digital adoption are related 
among Micro, Small, and Medium Enterprises 
(MSMEs). A quantitative design is chosen because 
the study seeks to test hypothesised relationships 
between latent constructs and to observe how strong 
and in which direction these relationships operate 
within a structured model. In line with previous 
studies in financial behaviour and technology 
adoption, quantitative methods are widely 
recognised as appropriate for capturing measurable 
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behavioural patterns and technology usage 
intentions [33], [47]. 
 

More specifically, this study is an 
explanatory study, which aims to explain the causal 
relationship between variables. This study not only 
describes the level of digitalisation among MSMEs 
but also explains how and why behavioural factors 
such as overconfidence, loss aversion, heuristics, 
and financial literacy influence digital adoption 
decisions. In addition, hedonic motivation is 
included as a moderating variable, considering that 
the pleasure and comfort of using technology can 
influence how SME actors respond to these 
behavioural factors. Therefore, explanatory designs 
are commonly used in technology adoption studies 
when the main focus of the study is to identify causal 
relationships, rather than simply describing existing 
conditions [33]. 
 

To test the research model, this study uses 
Partial Least Squares Structural Equation Modelling 
(PLS-SEM). This method was chosen because it is 
capable of analysing complex relationships between 
latent variables, including moderating effects. In 
addition, PLS-SEM is suitable for prediction-
oriented research and can be used effectively on 
moderate sample sizes. Previous research in the 
fields of SMEs, financial behaviour, and technology 
adoption also shows that PLS-SEM is effective in 
estimating both direct and interactive effects 
between variables [11]. In terms of sampling, this 
study used non-probability sampling, specifically 
purposive sampling. The research respondents were 
owners or managers of MSMEs located in urban 
areas, particularly Jakarta and its surrounding areas, 
who were directly involved in business decision-
making. This criterion was important because not all 
MSME players have an active role in digitalisation 
decisions. Purposive sampling was chosen due to the 
limited availability of a complete SME sample frame 
and to ensure that respondents had relevant 
experience with digital business practices. This 
approach is also widely used in SME and financial 
behaviour research to obtain data that is relevant to 
the research objectives [11]. 
 

Data collection was conducted through an 
online questionnaire distributed using social media 

platforms. This method allowed researchers to reach 
MSME actors more efficiently in various locations. 
In addition, the research respondents were generally 
familiar with the use of digital technology, making 
this method appropriate for the research context. 
Previous studies have also shown that social media-
based surveys are effective in technology adoption 
studies, especially for reaching digitally active 
respondents [47]. 

3.2 Sample Size, Variables, and Data 
Collection 

The sample includes 180 valid responses 
obtained from MSME owners and managers 
operating in Indonesia. When working with MSME 
actors, reaching respondents is not always 
straightforward. Participation often depends on time, 
willingness, and personal circumstances. Even so, 
this sample size is considered adequate for PLS-
SEM analysis, as the method is known to perform 
well with moderate samples and research models 
that involve multiple constructs and moderating 
variables. Previous studies in MSME performance 
and technology adoption have reported reliable 
results using similar sample sizes, which further 
supports the robustness of PLS-SEM for prediction-
oriented and exploratory analysis [11].  
 

The research model consists of six latent 
variables, each representing different elements of 
MSME decision-making behaviour. Overconfidence 
(X1), Loss Aversion (X2), Heuristics (X3), and 
Financial Literacy (X4) are specified as exogenous 
variables, as they capture internal behavioural and 
cognitive factors that influence how MSME actors 
approach digital related decisions.  
 

All constructs are operationalised using 
reflective indicators, resulting in a total of 54 
measurement items. A reflective specification is 
applied because the indicators are treated as 
manifestations of their respective latent constructs. 
As the underlying constructs change, the observed 
measures are expected to move in the same direction. 
This assumption is commonly adopted in 
behavioural and technology adoption research and is 
considered appropriate for the present study. 
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Table 1: Measurement Items and Descriptive Statistics. 
 

Mean Standard 
deviation 

Outer 
Loadings 

Indicators Adapted From 

3.844 1.079 0.872 OC1 I have the ability to take right investment 
decision 

[48] 

3.789 1.110 0.849 OC2 I am confident of my ability to do better than 
others in investment decision 

[48] 

3.561 1.179 0.883 OC3 I have the ability to control the results according 
to investment objectives. 

[48] 
 

3.739 1.107 0.866 OC4 My past investment successes were due to my 
specific skills. 

[48] 

3.567 1.075 0.885 OC5 I have complete knowledge of the financial 
market. 

[48] 
 

3.761 1.087 0.905 OC6 I am confident in my ability to manage my 
business. 

[49] 

3.317 1.138 0.878 OC7 I am confident in my ability to recognize and take 
advantage of business opportunities. 

[49] 

3.706 1.228 0.809 OC8 I am confident in my ability to repay debts and 
interest obligations. 

[49] 

3.756 1.205 0.880 OC9 I am confident in my ability to increase business 
sales. 

[49] 

3.767 1.179 0.866 OC10 I am confident in my ability to increase business 
profits. 

[49] 

3.706 1.186 0.856 LA1 I avoid innovative business opportunities if they 
involve high risk. 

[50] 

3.678 1.104 0.779 LA2 I feel the impact of financial losses more strongly 
than the impact of financial gains. 

[51] 

3.900 1.150 0.758 LA3 I feel uncomfortable making decisions that 
involve the possibility of loss. 

[52] 

3.811 1.129 0.801 LA4 I prioritise short-term safety over potential long-
term gains. 

[50] 

4.039 1.190 0.795 LA5 The possibility of experiencing a loss makes a 
decision less attractive to me. 

[52] 

3.744 1.116 0.839 LA6 I am only willing to accept a decision involving 
potential loss if the expected return is very high. 

[52] 

3.739 1.102 0.757 LA7 The presence of potential loss leads me to set 
stricter limits when making decisions. 

[52] 

3.833 1.276 0.719 LA8 Avoiding loss is more important to me than 
achieving additional gains. 

[52] 

3.761 1.066 0.838 LA9 I favour safer decisions to prevent possible 
losses. 

[52] 

3.850 1.142 0.795 LA10 I hesitate to choose options that carry a noticeable 
risk of loss. 

[52] 
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3.678 1.134 0.900 HR1 I make decisions without considering the initial 
likelihood of an outcome. 

[53] 

3.472 1.176 0.892 HR2 I draw conclusions based on a small number of 
experiences or examples I have observed. 

[53] 

3.306 1.091 0.901 HR3 I believe that patterns observed in the past will 
repeat in the future. 

[53] 

3.611 1.097 0.879 HR4 I rely more on information that is easy to recall 
than on information that I encounter less 
frequently. 

[53] 

3.689 1.146 0.896 HR5 I use past experiences as my main reference when 
predicting future outcomes. 

[53] 

3.617 1.166 0.901 HR6 I use initial information or values as the primary 
reference when making decisions. 

[53] 

3.344 1.151 0.867 HR7 I believe that extremely good or extremely poor 
outcomes will continue over time. 

[53] 

3.550 1.198 0.842 HR8 I tend to associate two things simply because I 
frequently see or hear about them together. 

[53] 

3.489 1.147 0.910 HR9 I feel that a few examples are sufficient to 
represent a general situation. 

[53] 

4.061 1.101 0.881 FL1 I understand the importance of preparing 
financial reports 

[13] 

4.044 1.110 0.871 FL2 I understand how to prepare financial statements [13] 

3.639 1.099 0.823 FL3 I understand how to calculate the rate of return on 
capital 

[13] 

3.889 1.085 0.886 FL4 I understand how to calculate return on sales [13] 

4.083 1.032 0.866 FL5 I understand how to calculate the rate of return on 
assets 

[13] 

3.861 1.149 0.835 FL6 I understand how to calculate the rate of return on 
investment 

[13] 

4.089 1.082 0.878 FL7 I have constructed a long-term financial plan [54] 

4.317 1.088 0.913 FL8 I take my time in making financial decisions [54] 

4.050 1.117 0.819 FL9 I consider my financial condition before making 
major purchases or investments. 

[12] 

4.200 1.284 0.825 DA1 I use digital technologies to support my business 
activities. 

[55] 

4.444 1.207 0.843 DA2 I use digital systems in preparing and managing 
my financial reports. 

[2] 

4.511 1.108 0.892 DA3 I use digital systems to complete accounting tasks 
more quickly. 

[2] 

4.417 1.125 0.860 DA4 I use digital platforms such as e-commerce, social 
media, or digital logistics systems. 

[55] 
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4.456 1.112 0.890 DA5 I am open to changes brought by digital 
innovation in my business. 

[55] 

4.250 1.095 0.888 DA6 I feel that using digital platforms helps my 
business remain competitive. 

[17] 

4.461 1.194 0.832 DA7 I feel that digital tools help me make better 
business decisions. 

[2] 

4.378 1.116 0.884 DA8 I believe that adopting digital technology is 
important for my business survival 

[2] 

4.344 1.235 0.869 DA9 I feel that digital systems make accounting 
information more useful for my business. 

[2] 

4.261 1.217 0.867 DA10 My business is ready to adopt more advanced 
digital technologies. 

[55] 

3.828 1.048 0.879 HM1 I feel that using digital technology for my 
business is enjoyable. 

[33] 

3.656 1.092 0.912 HM2 I experience enjoyment when using digital 
technology for business purposes. 

[33] 

3.956 1.163 0.902 HM3 I feel that using digital technology makes my 
business activities more interesting. 

[21] 

3.939 1.155 0.892 HM4 Using digital technology in my business 
stimulates my curiosity. 

[21] 

3.872 1.174 0.899 HM5 I feel that using digital technology brings positive 
effects to my business. 

[33] 

3.728 1.163 0.901 HM6 I feel that using digital technology gives me a 
sense of reassurance in running my business. 

[33] 

4 DISCUSSION AND RESULTS 

4.1 Demographic Analysis 

 
The demographic profile presented in table 2 

shows that most of the respondents fall within 29-35 
year age, followed by those ages 45-55 years old and 
above 55 years old, while the younger and middle 
age categories are represented in smaller 
proportions. This shows that the sample includes 
respondents from both early and later stages of 
working life. Accordingly, the sample for this study 
reflects a range of experience levels and maturity 
among the respondents, thereby providing a broader 
picture of how MSME operators make decisions 
regarding digitalisation. The age composition of the 
respondents also indicates that the majority belong 
to a group that is fairly familiar with the digital 
environment, making them suitable for analysing 
behaviour related to digital adoption [56]. 

 

The majority of respondents had completed 
upper secondary education (48.9%) and a bachelor’s 
degree (38.3%). This indicates that the majority of 
respondents had a sufficiently good educational 
background to understand each statement in the 
questionnaire and provide relevant answers. This is 
important because in PLS-SEM-based research, 
respondents are expected to be able to assess 
indicators related to perceptions and behaviour, 
particularly to explain latent constructs that cannot 
be measured directly [57]. 

 
Based on the IFC (International Finance 

Corporation) criteria, the sample is dominated by 
micro enterprises (66.7%), followed by small 
enterprises (29.4%). This in line with this study and 
supporting the applicability of PLS-SEM, which has 
been widely applied in heterogeneous and resource 
constrained research contexts such as MSMEs [57]. 
 

Moreover, A strong concentration of 
respondents is found in the retail trade sector 
(79.4%) and in urban areas, particularly Jakarta and 
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its surrounding regions. This reflects a service-
oriented environment with higher exposure to digital 
technologies, thereby strengthening the contextual 
relevance of the study for examining digital adoption 
behaviour among MSMEs [56]. 

 
Table 2: Demographic Profile of Respondents. 

 

Demographic 
Variable 

Category Frequenc
y 

Percenta
ge (%) 

Gender Male 79 43,9 

Female 101 56,1 

Age < 20 years 12 6,7 

21 - 28 years 3 1,7 

29 - 35 years 63 35 

36 - 44 years 30 16,7 

45 - 54 years 36 20 

> 55 years 36 20 

Education Middle 
School 

4 2,2 

High School 88 48,9 

Associate 
degree 

10 5,6 

Undergraduat
e  

69 38,3 

Graduate 9 5 

Enterprise Size Micro 120 66,7 

Small 53 29,4 

Medium 7 3,9 

Sector Manufacturin
g 

7 3,9 

Health / 
Social 
Services 

1 0,6 

Arts / 
Entertainment 
/ Recreation 

6 3,3 

Finance / 
Insurance 

3 1,7 

Construction 3 1,7 

Education 2 1,1 

Transportatio
n / 
Warehousing 

1 0,6 

Retail Trade 143 79,4 

Other 
Services 

14 7,8 

Location Bekasi 6 3,3 

Bogor 4 2,2 

Depok 11 6,1 

Jakarta 71 39,4 

Tangerang 19 38,3 

Other 69 10,6 

 

4.2 Descriptive Statistics of Constructs 

 
Descriptive statistics were used to provide an 

initial picture of how respondents evaluated each 
construct in the study. As reported in table 3, the 
mean values range from 3.528 to 4.372, indicating 
an overall positive tendency across the constructs. 
Digital Adoption records the highest mean value 
(4.372), followed by Financial Literacy (4.004) and 
Hedonic Motivation (3.830). This shows 
respondents express favourable perceptions toward 
digitalisation, particularly in terms of adoption 
behaviour and their perceived financial capabilities. 
In contrast, heuristics show the lowest mean value 
(3.528). This reflects more varied behavioural 
tendencies, as heuristics-based decision making may 
often depends on situational factors and individual 
judgement rather than consistent evaluation. In other 
words, respondents may differ in how strongly they 
rely on mental shortcuts when making decisions.  
 

The standard deviation values range between 
1.096 to 1.169, this indicating a moderate level of 
dispersion and a reasonable consistency in 
responses. This Supports the use of PLS-SEM as the 
method is robust to non-normal data distributions 
and is commonly applied in behavioural and 
managerial research contexts [56], [58]. 
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Table 3: Descriptive Statistics of the Study Constructs. 
 

Variable Mean Standard Deviation 

OC 3,681 1,139 

LA 3,806 1,146 

HR 3,528 1,145 

FL 4,004 1,096 

DA 4,372 1,169 

HM 3,830 1,133 

 

4.3 Reliability and Convergent Validity 

 
Reliability and convergent were evaluated 

using Cronbach’s alpha and Average Variance 
Extracted (AVE), as presented in table 4. The result 
indicates a high level of internal consistency across 
all constructs. Cronbach’s alpha values range from 
0.936 to 0.966, which are well above the commonly 
recommended threshold 0.70. This suggests that the 
measurement items that consistently capture the 
same underlying constructs.  
 

Convergent validity is also well supported. 
All AVE values fall between 0.632 to 0.806, 
exceeding the minimum criterion od 0.50. This 
indicates that each of the constructs explains more 
than half of the variance in its indicators. As the 
result, the indicators can be considered sufficiently 
representative of their intended latent constructs. 
These findings confirm that the measurement model 
meets the required standards for reliability and 
convergent validity and therefore suitable for further 
PLS-SEM analysis [56], [59]. 
 

Table 4: Construct Reliability and Convergent Validity. 
 

Variable Cronbach's 
alpha 

Average variance 
extracted (AVE) 

OC 0.964 0.756 

LA 0.936 0.632 

HR 0.966 0.788 

FL 0.957 0.747 

DA 0.963 0.749 

HM 0.952 0.806 

 

4.4 Latent Variable Correlations 

 
Table 5 presents the latent variable 

correlation matrix generated using SmartPLS, 
offering an initial overview of how this study 
constructs relate to one another at the latent level. 
The results show that Digital Adoption is positively 
correlated with Financial Literacy (r = 0.718) and 
hedonic motivation (r = 0.678). This indicates that 
MSME actors with stronger financial knowledge and 
higher enjoyment in using digital tools tend to report 
higher enjoyment in using digital tools tend to report 
higher levels of digital adoption.  
 

In contrast, digital adoption exhibits negative 
correlations with behavioural bias constructs, 
namely heuristics (r = -0.622), Overconfidence (r = 
−0.615), and Loss Aversion (r = −0.195). This 
pattern indicates that the higher the cognitive bias 
among SME operators, the lower the rate of digital 
adoption tends to be. This situation may arise 
because decisions that are more heavily influenced 
by heuristics, overconfidence and loss aversion 
make business operators less open to the use of 
digital technology. Previous research has also shown 
that behavioural biases can undermine rational 
evaluation processes and ultimately slow down the 
acceptance of technological change. Furthermore, 
the correlation coefficients between constructs in 
this study remain below the general threshold of 
0.90, indicating that each construct remains clearly 
distinguishable and does not lead to issues of 
multicollinearity. Thus, the latent correlation results 
from SmartPLS provide initial support for the 
proposed relationships between variables and 
indicate that the data from this study are suitable for 
structural model analysis and further hypothesis 
testing [56], [58]. 
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Table 5: Latent Variable Correlation

Variable DA FL HM HR LA OC HM x HR HM x OC HM x LA HM x FL 

DA 1.000 0.718 0.678 -0.622 -0.195 -0.615 -0.121 0.018 -0.269 0.256 

FL 0.718 1.000 0.446 -0.433 -0.107 -0.393 -0.220 -0.156 -0.270 0.036 

HM 0.678 0.446 1.000 -0.231 -0.382 -0.510 -0.316 0.055 -0.118 0.281 

HR -0.622 -0.433 -0.231 1.000 0.031 0.298 0.016 0.226 0.313 -0.221 

LA -0.195 -0.107 -0.382 0.031 1.000 -0.013 0.307 0.261 -0.077 -0.265 

OC -0.615 -0.393 -0.510 0.298 -0.013 1.000 0.232 -0.119 0.273 -0.161 

HM x HR -0.121 -0.220 -0.316 0.016 0.307 0.232 1.000 0.235 -0.083 -0.353 

HM x OC 0.018 -0.156 0.055 0.226 0.261 -0.119 0.235 1.000 -0.016 -0.272 

HM x LA -0.269 -0.270 -0.118 0.313 -0.077 0.273 -0.083 -0.016 1.000 0.009 

HM x FL 0.256 0.036 0.281 -0.221 -0.265 -0.161 -0.353 -0.272 0.009 1.000 

4.5 Discriminant Validity of Constructs 

 
The Fornell Larcker criterion was applied to 

assess discriminant validity. As shown by the results, 
the square root of the Average Variance Extracted 
(AVE) for each construct is higher than its 
correlations with the other constructs in the model. 

This study indicates that each construct captures a 
distinct concept rather than overlapping with others, 
thereby confirming that the discriminant validity 
requirement is satisfied [22], [45]. These results 
further suggest that digital adoption, financial 
literacy, hedonic motivation, and behavioural bias 
dimensions represent empirically separate constructs 
within the proposed model.

 
Table 6: Discriminant Validity Assessment Using the Fornell–Larcker Criterion.

Variable DA FL HM HR LA OC 

DA 0.865 
     

FL 0.718 0.864 
    

HM 0.678 0.446 0.898 
   

HR -0.622 -0.433 -0.231 0.888 
  

LA -0.195 -0.107 -0.382 0.031 0.795 
 

OC -0.615 -0.393 -0.510 0.298 -0.013 0.870 

Further discriminant validity was assessed 
using the heterotrait monotrait ratio (HTMT) with a 
conservative threshold of 0.85. The results show that 
all HTMT values remain below the recommended 
criterion, with the highest value observed between 
Digital Adoption and Financial Literacy (0.747). 
This indicates that all of the constructs are 
empirically distinct and represent separate 

conceptual domains. Importantly, the interaction 
constructs also exhibit relatively low HTMT values 
when compared with the main constructs. 
Importantly, the interaction constructs also exhibit 
relatively low HTMT values when compared with 
the main constructs. This suggests that the 
moderation terms do not show any problematic 
overlap or redundancy within the measurement 
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model. These findings confirm that discriminant 
validity is satisfactorily established for the 
measurement model [55], [59]. 

 

 
Table 7: Discriminant Validity Assessment Using the heterotrait monotrait ratio (HTMT)

Variable DA FL HM HR LA OC HM x HR HM x OC HM x LA HM x FL 

DA                     

FL 0.747                   

HM 0.707 0.465                 

HR 0.643 0.449 0.239               

LA 0.193 0.114 0.399 0.058             

OC 0.636 0.406 0.530 0.308 0.056           

HM x HR 0.123 0.224 0.323 0.025 0.318 0.236         

HM x OC 0.033 0.159 0.058 0.230 0.265 0.121 0.235       

HM x LA 0.274 0.275 0.122 0.318 0.097 0.278 0.083 0.016     

HM x FL 0.261 0.043 0.288 0.224 0.269 0.163 0.353 0.272 0.009   

 
4.6 Coefficient of Determination 

 
The coefficient of determination (R²) 

explains how much of the variation in an 
endogenous variable can be explained by its 
predictor variables. In PLS-SEM, R² is mainly used 
to show how strong the structural model is in 
explaining the relationships between variables [56]. 
As shown in Table 8, Digital Adoption (DA) has an 
R² value of 0.851, which means that 85.1% of the 
variation in digital adoption can be explained by the 
exogenous variables in the model. Based on recent 
PLS-SEM guidelines, R² values above 0.75 indicate 
strong explanatory power, suggesting that the model 
explains the endogenous construct well [58]. This 
strong explanatory power also indicates that digital 
adoption among MSMEs is not shaped by a single 
factor alone, but rather by the combined role of 
behavioural biases, financial literacy, and hedonic 
motivation. In this case, the result supports prior 
literature which suggests that MSME digitalisation 
is influenced by multiple behavioural, financial, and 
technological factors operating simultaneously [2], 
[9], [14], [17], [18], [27]. 

 

The adjusted R² value (0.843) is slightly 
lower than the R², which is expected. Adjusted R² 
provides a more conservative estimate because it 
accounts for the number of predictors included in the 
model. The relatively small difference between R² 
and adjusted R² suggests that the model is 
appropriately specified, indicating that the included 
predictors are relevant in explaining digital adoption 
and that the model does not appear to be 
unnecessarily complex [56], [58]. This finding 
further strengthens the model, as it shows that the 
explanatory power not only increases due to the 
number of predictors, but also reflects a meaningful 
contribution from the selected variables. Overall, the 
R² and adjusted R² values indicate that the integrated 
model used in this study provides a substantial 
explanation of MSME digital adoption, which is 
consistent with the literature emphasizing that 
digitalization decisions are shaped by rational 
capabilities and behavioral tendencies [21], [23], 
[24], [27]. 
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Table 8: Coefficient of Determination (R²) of the 
Endogenous Construct 

 

Endogenous Variable R² Adjusted R² 

Digital Adoption (DA) 0.851 0.843 

 

4.7 Structural Path Coefficients and 
Hypothesis Testing Results 

 
This section presents the results of the 

structural model analysis, with a focus on the 
direction and statistical significance of the 
hypothesis relationships. Path significance was 
evaluated using a bootstrapping procedure, and 
hypothesis testing was based on the path coefficient 
(β), t-value, and p-value. 
 

As shown in Table 9, Financial Literacy 
exhibits a positive and significant effect on Digital 
Adoption (β = 0.417, t = 11.159, p < 0.001). This 
finding suggests that MSMEs with stronger financial 
knowledge are more likely to adopt digital 
technologies. This result is in line with previous 
studies which indicate that financial literacy 
improves individuals ability to understand digital 
systems, evaluate risks, and make more informed 
financial and technological decisions [14], [27], 
[32], [41], [43]. 
The finding also supports earlier evidence that 
greater financial literacy reduces hesitation toward 
digital financial services and lowers barriers such as 
distrust and risk aversion [27], [41], [43]. It means, 
the result reinforces the argument that financially 
literate MSME actors are better positioned to assess 
the potential value of digital tools and therefore 
become more open to digital adoption. 
 

In contrast, Heuristics (β = −0.326, t = 7.982, 
p < 0.001) and Overconfidence (β = −0.224, t = 
5.838, p < 0.001) show significant negative effects 
on digital adoption. Therefore, greater reliance on 
cognitive shortcuts and excessive self-confidence 
appear to reduce openness toward digital 
technologies. These findings are consistent with 
previous literature suggesting that heuristic based 
thinking may lead decision makers to rely on past 
experiences or simplified judgements rather than 
conducting a thorough evaluation of new 
technologies [4], while previous study argue that 
mental shortcuts may result in less optimal decisions 
and weaker openness to innovation [28], [31]. 
Likewise, the negative effect of overconfidence 
supports prior studies which argue that inflated self  

assessment may suppress openness to innovation 
because decision makers become overly reliant on 
their own judgement and underestimate the need for 
new digital solutions [27], [39]. This indicates that 
when MSME actors feel too certain about existing 
ways of operating their businesses, they may 
perceive less urgency to adopt digital systems, even 
when such systems offer long term advantages. 
 

Loss Aversion also demonstrates a negative 
relationship with digital adoption, although the 
effect size is relatively weaker (β = −0.081, t = 2.343, 
p = 0.019). This result is also in line with previous 
studies showing that fear of loss and perceived 
financial risk can discourage individuals from 
adopting digital financial services and other new 
technologies [27], [29], [40], [41]. At the same time, 
the weaker coefficient suggests that the influence of 
loss aversion, while significant, is less dominant than 
heuristics and overconfidence in explaining digital 
adoption in this study. This is similar to what several 
previous literatures have suggested that loss aversion 
can also drive adoption when digitalization is 
interpreted as a way to prevent future losses. [42]. 
However, the present finding shows that within the 
context of Indonesian MSMEs, loss aversion is more 
likely to function as a barrier rather than a trigger for 
digital adoption, indicating that concerns over 
potential risks still outweigh perceived future 
benefits. 
 

With regard to the moderating effects, 
Hedonic Motivation significantly moderates the 
relationships between FL and DA (β = 0.134, t = 
3.848, p < 0.001), HR and DA (β = 0.174, t = 5.069, 
p < 0.001), and OC and DA (β = 0.141, t = 3.975, p 
< 0.001). These findings indicate that enjoyment and 
positive experiences in using digital technologies 
can strengthen the influence of financial literacy and 
certain behavioural biases on digital adoption. This 
result is consistent with earlier studies that use 
UTAUT based frameworks which show that hedonic 
motivation increases individuals willingness to 
engage with digital systems and strengthens 
continued technology use [25], [26], [33], [44], [45]. 
More specifically, the significant moderation on the 
relationship between financial literacy and digital 
adoption suggests that financially literate MSME 
actors may be even more likely to adopt digital 
technology when the technology is perceived as 
enjoyable, user friendly, and comfortable to use. This 
support previous evidence by showing that the effect 
of financial capability is not purely cognitive, but 
can be strengthened by motivational and experiential 
aspects of technology use [25], [26], [44], [45]. 
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The significant moderating effect of hedonic 

motivation on the relationship between heuristics 
and digital adoption also supports the view that 
positive user experiences may reduce resistance 
created by simplified or habit based decision-making 
[33], [44], [45]. In other words, even when MSME 
actors rely on mental shortcuts, they may still 
become more open to digital adoption if the 
technology feels pleasant and easy to engage with. 
Similarly, the moderating effect on overconfidence 
suggests that enjoyment in technology use may 
soften the negative effect of excessive self 
confidence. This finding is in line with the literature 
indicating that hedonic motivation serves as a strong 
behavioural driver of digital acceptance and may 
encourage users to engage with technology even 
when other psychological barriers are present [25], 
[26], [44], [45]. Therefore, hypotheses H5, H6, and 
H7 are supported. 
 

However, the moderating effect of hedonic 
motivation on the relationship between Loss 

Aversion and Digital Adoption is not statistically 
significant (β = 0.054, t = 1.825, p = 0.068). This 
result suggests that feelings of enjoyment or pleasure 
from using technology are not sufficient to remove 
the cautious behaviour associated with loss aversion. 
Therefore, hypothesis H8 is not supported [60], [61]. 
This finding is particularly important because, 
although prior studies have generally suggested that 
hedonic motivation encourages digital technology 
acceptance [25], [26], [44], [45], the present study 
shows that such motivational benefits may not be 
strong enough to offset a deeper concern related to 
potential losses. This result is also broadly consistent 
with literature emphasizing that perceived financial 
risk remains a major barrier in digital financial 
contexts [40], [41].  In addition, while some studies 
suggest that loss aversion can sometimes promote 
adoption when technology is seen as a means of 
preventing future losses [42], such a pattern does not 
appear in the present study. This implies that for 
Indonesian MSMEs, the fear of immediate or 
potential loss remains a stronger psychological force 
than the enjoyment derived from technology use. 

 
Table 9: Results of Hypothesis Testing.

Hypothesis Path β (Original Sample) t-value p-value Result 

H1 FL → DA 0.417 11.159 <0.001 Supported 

H2 HR → DA −0.326 7.982 <0.001 Supported 

H3 OC → DA −0.224 5.838 <0.001 Supported 

H4 LA → DA −0.081 2.343 0.019 Supported 

H5 HM × FL → DA 0.134 3.848 <0.001 Supported 

H6 HM × HR → DA 0.174 5.069 <0.001 Supported 

H7 HM × OC → DA 0.141 3.975 <0.001 Supported 

H8 HM × LA → DA 0.054 1.825 0.068 Not supported 

The results in this section were obtained 
through Partial Least Squares Structural Equation 
Modelling (PLS-SEM) analysis using SmartPLS. 
The analysis was conducted by estimating the 
structural model using the PLS algorithm to 
determine the standardised path coefficients and the 
proportion of variance explained by the endogenous 
constructs. Subsequently, the analysis was followed 
by bootstrapping with 5,000 resamples to assess the 
stability of the hypothesised relationships. This step 
yielded standard errors, t-values, and p-values, 
thereby enabling a more robust statistical 
significance test. 

 
Figure 4 shows the SmartPLS structural 

model used in this study to test the relationships 
between constructs. In this model, Digital Adoption 
(DA) acts as the endogenous variable, whereas 
Financial Literacy, Heuristics, Overconfidence, Loss 
Aversion, and the interaction term involving 
Hedonic Motivation act as exogenous variables 
influencing the level of digital adoption. 
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Figure 4: PLS-SEM Structural Model Results. 

5 CONCLUSION 
 

Based on the results of the study, behavioural 
bias, level, literacy and motivational factors greatly 
influence MSMEs in making digital adoption 
decisions. The results show that financial literacy 
has a positive influence on digital adoption. This 
means that SME actors with better financial 
knowledge are able to understand digital systems, 
assess potential risks, and make more informed and 
appropriate adoption decisions [14], [27], [32]. In 
contrast to financial literacy, heuristics and 
overconfidence have been shown to have a negative 
influence on digital adoption. This indicates that 
SME actors become less open to the use of digital 
technology because they rely too much on 
experience or old habits and overestimate their 
abilities. This condition can cause them to 
underestimate the complexity of digital systems or 
fail to see the added value offered by this technology 
[4], [27], [28]. Similar to heuristics and 
overconfidence, loss aversion also has a negative 
impact on digital adoption, although its influence is 
relatively less than other behavioural biases. This 
shows that concerns about potential financial losses 
remain an obstacle for MSMEs in adopting digital 
technology, although its role is not as strong as 
heuristics and overconfidence in shaping the digital 
behaviour of MSMEs [40], [42]. These findings 
directly address the research gap in this study, as 
previous research has generally addressed 
behavioural biases, financial literacy and 
motivational factors separately. By combining these 
variables within a single research framework, this 
study demonstrates that digital adoption among 
SMEs is influenced not only by a single factor, but 
also by the interplay between cognitive biases, 
financial literacy and individual motivation. These 
results provide a more comprehensive understanding 
of why digital adoption among SMEs remains 
inconsistent, despite the continuous advancement of 

digital technology and the increasing availability of 
various digital platforms. 

 
The results of the study also show that the 

presence of hedonic motivation strengthens the 
positive relationship between financial literacy and 
digital adoption and weakens the negative influence 
of heuristics and overconfidence on digital adoption. 
In other words, when MSME actors view digital 
technology as something that is fun and convenient 
to use, they become more willing to adopt it, even 
though they are still influenced by certain cognitive 
biases [25], [26], [44], [45]. However, unlike loss 
aversion, hedonic motivation does not significantly 
moderate the relationship between loss aversion and 
digital adoption. This is because fear of potential loss 
is a stronger barrier that cannot be easily reduced 
simply through pleasure or positive experiences in 
using technology. This finding extends prior 
behavioural research by showing that the effects of 
certain cognitive biases are not only present, but can 
also be conditionally reduced through hedonic 
motivation. In this regard, the study contributes by 
providing a mechanism-based explanation of digital 
adoption, where positive user experience and 
enjoyment can partially mitigate the negative effects 
of heuristics and overconfidence, although they are 
not sufficient to reduce loss aversion. These findings 
also show that not all behavioural barriers can be 
addressed in the same way, thereby providing a 
deeper understanding of how MSME actors make 
decisions in digital contexts. Each bias has different 
characteristics and effects, so the approach used to 
address it also needs to be adjusted. 

 
In addition, this study provides empirical 

evidence from MSMEs in Indonesia, where digital 
adoption continues to develop but has not yet taken 
place evenly among business actors. This is 
important because integrated evidence from MSME 
contexts in developing countries is still relatively 
limited, even though such conditions are often 
characterised by resource constraints, behavioural 
barriers, and uneven digital readiness. Therefore, 
this study not only makes a theoretical contribution, 
but also strengthens the contextual relevance of 
digital adoption studies in emerging economies. 

 
6 LIMITATIONS AND FURTHER 

RESEARCH  
 
This study has several limitations that should 

be considered when interpreting the findings. The 
use of a cross-sectional design limits the ability to 
establish causal relationships between financial 
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literacy, behavioural biases, hedonic motivation, and 
digital adoption. In addition, the data was sourced 
through self-reported surveys, which results in 
responses that are based on the perceptions and 
opinions of the MSME actors rather than direct 
observations or objective records. This may 
introduce response bias, particularly in measuring 
psychological constructs such as heuristics, 
overconfidence, and loss aversion. Moreover, the 
variables studied are latent constructs measure 
indirectly through survey items, assuming that 
respondents can accurately assess their own 
cognitive tendencies. This condition may result in 
inaccurate representation of actual decision-making 
behaviour. Furthermore, the study focuses only on 
the variables discussed, which may not fully capture 
the complexity of digital adoption among MSMEs. 
Therefore, future research is encouraged to employ 
longitudinal or experimental approaches to better 
understand causal relationships and reduce reliance 
on self-reported data, as well as to explore factors 
influencing cognitive biases, such as differences in 
age or generation, given that variations in digital 
familiarity, risk tolerance, and decision-making 
styles may shape digital adoption decisions. 
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