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ABSTRACT 
 

With the growing adoption of digital wallets, increasing attention has been directed toward the challenges 
associated with their continued use, particularly regarding security and user privacy. This study extends prior 
research by integrating concerns related to technology fit and privacy through the lens of Task-Technology 
Fit (TTF) Theory and Privacy Calculus Theory, which serve as the study’s theoretical foundations. To address 
emerging factors influencing the sustained use of digital wallets, new constructs have been proposed. The 
measurement instruments employed in this study consist of both adapted items from existing literature and 
newly developed items tailored to the proposed constructs. The development process included expert 
evaluations to ensure content validity, involving five Information Systems scholars who assessed the 
relevance and clarity of the items. A pilot test was conducted involving 38 university students who 
participated through an online survey. Validity and reliability testing were conducted using SPSS software. 
Results from validity and reliability analyses demonstrate robust measurement properties, indicating that the 
items effectively capture the intended constructs. A subsequent pilot test further confirmed the 
appropriateness of the instruments for use in future empirical research. 
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1. INTRODUCTION  
 

Since the introduction of debit cards in the late 
1960s, cashless payment methods have undergone 
significant transformation, consequently influencing 
payment practices. The evolution of payment 
systems—from debit cards to credit cards, followed 
by online banking, mobile applications, and Near 
Field Communication (NFC) technology—has 
revolutionized cashless transactions. This revolution 
has led to the emergence of digital wallets, which 
serve as repositories for payment method 
information, coupons, gift cards, and other financial 
data. Digital wallets enable users to store various 
forms of payment-related information in one 
accessible location while eliminating the need to 
carry physical items [1], [2].  

Furthermore, the emergence of digital wallets has 
contributed to a shift in cashless payment patterns. 
Generally, instead of carrying multiple physical 
cards—such as credit and debit cards—users only 

need to carry a digital wallet installed on their 
smartphones. The convenience of use has also 
contributed to the increasing number of digital wallet 
users [3]. Globally, it is estimated that there will be 
more than 5.3 billion digital wallet users by 2026 [4].  
This statistic indicates a positive trend in the 
acceptance of digital wallets. 

In parallel with the growing number of digital 
wallet users, associated issues have also gained 
increased attention. Security concerns, trust, 
interoperability, and integration with existing 
systems are among the key challenges facing digital 
wallets [5].  

Given this reality, the integration of technological 
efficiency and security in digital payment systems is 
becoming increasingly vital. Accordingly, this study 
aims to examine the relationship between digital 
wallet technology's effectiveness and its privacy 
features in continuously using it by exploring the 
instruments involve in the study.  
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The skeleton of this paper as follow: (1) 
introduction, (2) literature review, (3) methodology, 
(4) findings, (5) discussion, (6) conclusion, (7) 
implications, (8) limitation, and (9) 
recommendation.  

 

2. LITERATURE REVIEW 

 
This section discusses about the literature 

related to the study. It involves task-technology 
theory (TTF), privacy calculus theory (PCT), and 
continuous use of digital wallet. 
 
2.1 Task-Technology Fit (TTF) Theory 

Task-Technology Fit (TTF) Theory 
explains the alignment between a technology's 
capabilities and the tasks it is designed to support. 
This theory was introduced by Goodhue and 
Thompson in 1995. Unlike earlier studies, which 
primarily focused on the antecedents of usage and 
user intention, TTF was the first framework to 
examine the post-adoption phase of technology 
utilization [6]. Since its inception, numerous studies 
have sought to refine and extend the original theory 
to accommodate advancements in technology and 
evolving work environments. 

In addition to investigating the direct 
relationship between task and technology 
performance, prior research has explored various 
contextual factors that influence the degree to which 
a technology is suited to its intended purpose. These 
contextual factors include individual aspects, such as 
user experience, skills, and preferences, as well as 
organizational factors, such as culture, structure, and 
processes. Furthermore, TTF has been integrated 
with other theoretical frameworks, demonstrating 
that it is neither a static nor a unidimensional 
concept, but rather one influenced by various 
dynamic factors. The emergence of new 
technologies—such as artificial intelligence (AI) and 
social technologies—has further shaped the 
application of TTF. Additionally, the increasing 
prominence of these technologies has underscored 
the importance of user experience and technological 
adaptability as critical determinants of technological 
fit.  

Originally, the core components of TTF 
Theory consisted of task characteristics, technology 
characteristics, task-technology fit, utilization, and 
performance. However, in the current era of 
digitalization, relying solely on task and technology 
characteristics to assess technological functionality 
is insufficient, as security concerns have become a 
widely recognized issue. The security of a 

technology is crucial in ensuring its suitability for 
continued use. Thus, there is a growing need to 
revisit and expand TTF Theory by introducing new 
components that align with the digital era, namely 
data security characteristics and application 
characteristics. 

Beyond technological fit, concerns related 
to digital technology have also gained significant 
attention. One of the most pressing issues in this 
domain is privacy, and digital wallets are no 
exception [7]. Privacy-related challenges, such as 
data breaches, insecure authentication mechanisms, 
and vulnerabilities in third-party services, pose 
critical risks to digital wallet security [8], [9], [10], 
[11].  

Given the increasing significance of 
privacy concerns, this study seeks to explore the 
interplay between the technological fit and privacy 
aspects of digital wallets by integrating Task-
Technology Fit Theory with Privacy Calculus 
Theory. While TTF emphasizes the alignment 
between users' payment-related tasks and the 
functionalities provided by digital wallets, Privacy 
Calculus Theory complements this perspective by 
examining how users weigh perceived benefits 
against privacy concerns.  

This paper focuses on the continuous use of 
digital wallets. The following sections elaborate on 
the core and newly introduced constructs 
underpinning Task-Technology Fit Theory, namely 
task characteristics, technology characteristics, data 
security characteristics (new), application 
characteristics (new), task-technology fit, and 
financial transaction performance. 
2.1.1 Task characteristics 

Tasks are broadly defined as actions 
performed by individuals to transform inputs into 
outputs. A task can be conceptualized as a specific 
piece of work executed through a series of actions to 
achieve a particular goal [6], [12], [13]. Task 
characteristics refer to the distinct attributes and 
requirements of tasks that influence the extent to 
which technology can effectively support them, 
thereby enhancing performance and utilization [14], 
[15].  

According to Oliveira, Faria, Thomas and 
Popovič [16], task characteristics represent a 
fundamental construct in explaining task-technology 
fit. Empirical studies have demonstrated that task 
characteristics positively impact task-technology fit 
[17], [18], [19]. In the context of financial 
technology, task characteristics have also been 
identified as significantly influencing task-
technology fit. For instance, Tam and Oliveira [20] 
found that the task characteristics associated with 
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mobile banking positively affect task-technology fit. 
Similarly, Baabdullah, Alalwan, Rana, Patil, and 
Dwivedi [21] reported that task characteristics exert 
a positive influence on task-technology fit among 
mobile banking users.  

Within the realm of digital wallets, task 
characteristics can be operationalized as the 
circumstances, complexity, and requirements 
associated with users’ interactions with digital 
wallets, including activities such as making 
payments, transferring funds, and tracking expenses. 
These characteristics determine whether digital 
wallet-related tasks are perceived as straightforward 
or complex.  
2.1.2 Technology characteristics  

Technology characteristics refer to the 
inherent attributes and functionalities of a 
technological system [6]. Previous studies have 
demonstrated that technology characteristics 
positively influence task-technology fit [22], [18]. In 
the context of digital wallets, technology 
characteristics refer to the features and 
functionalities embedded in digital wallet systems. 
This including processing speed, integration with 
other platforms or applications, compatibility with 
various devices, and other performance-related 
attributes [23].   

User interface, Near Field Communication 
(NFC), QR code, and two-factors authentication are 
among the technology characteristics involved in 
digital wallet [24], [25]. In research related to 
financial technology, technology characteristics 
have also been found to significantly impact task-
technology fit. Specifically, the features and 
capabilities of mobile banking have been shown to 
positively affect task-technology fit [26], [21], [16], 
[27].  
2.1.3 Data security characteristics  

Data security is defined as the process of 
safeguarding data from loss, modification, or 
unauthorized access throughout its lifecycle [28]. In 
the context of mobile applications, data security 
pertains to the protection of sensitive information 
stored locally on devices and within system 
databases, ensuring resilience against unauthorized 
access, security breaches, and data loss [29], [30], 
[31].  

From the perspective of digital wallets, data 
security characteristics can be operationalized as the 
measures implemented to protect users' sensitive 
information. These measures include multi-factor 
authentication, privacy safeguards, encryption 
protocols, and other security mechanisms designed 
to enhance data protection [32], [33], [34].  
2.1.4 Application characteristics  

In the context of mobile applications, 
application characteristics refer to the distinct 
features and qualities that define how mobile apps 
operate and are perceived by users [35], [36], [37], 
[38]. In the specific context of digital wallets, 
application characteristics can be operationalized as 
the essential features and functionalities of digital 
wallet applications, including availability, 
responsiveness, personalization options, user-
friendliness, and other relevant attributes [39], [40], 
[41].  

The quality of application characteristics in 
digital wallets directly influences user experience 
and adoption. When users perceive an application as 
efficient, intuitive, and responsive, their satisfaction 
with its functionalities increases, subsequently 
enhancing their intention to continue using the 
digital wallet in the future [42], [43], [44].  
2.1.5 Task-technology fit  

Task-technology fit is defined as the degree 
to which technological capabilities align with task 
requirements [45]. In the context of digital wallets, 
task-technology fit refers to the extent to which a 
digital wallet’s features correspond to users’ 
functional needs [46]. The effectiveness of a digital 
wallet plays a crucial role in sustaining its quality 
and usability. Users are more likely to continue using 
a digital wallet when its technological capabilities 
adequately support the tasks they need to perform 
[47], [48].   
2.1.6 Financial transaction performance  

In general, financial transaction 
performance refers to the efficiency, accuracy, and 
reliability of financial transactions within an 
organization or system. In the context of financial 
technology (FinTech), financial transaction 
performance pertains to the effectiveness and 
efficiency of executing financial transactions, 
facilitated by technological innovations [49], [50].  

Within the domain of digital wallets, 
financial transaction performance can be defined as 
the extent to which digital wallets successfully 
facilitate payments and money transfers with respect 
to speed, accuracy, and reliability [34], [51].  
 
2.2 Privacy Calculus Theory (PCT)  

Privacy Calculus Theory was introduced by 
Laufer and Wolfe in 1977. According to their 
framework, individuals make decisions regarding 
the disclosure of personal information by rationally 
weighing the costs and benefits associated with such 
actions [52]. However, Culnan and Armstrong [53] 
were among the pioneering scholars who utilized the 
term "privacy calculus" to describe the process of 
balancing perceived benefits and risks, particularly 
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in the context of personal information disclosure in 
online settings. 

Since the introduction of this theory, 
numerous studies have examined the privacy trade-
off, particularly in digital environments, as 
technological advancements continue to reshape 
data-sharing practices. Research has explored this 
privacy trade-off across various domains, including 
e-commerce, social media, online learning, and 
mobile payment systems [54], [55], [56], [57].  

In the context of digital wallets, this theory 
has been instrumental in analyzing how users 
navigate the balance between convenience and 
privacy-risks. Privacy trade-offs issues often arise 
due to data collection practices, transaction tracking, 
and third-party access, which may lead to potential 
privacy vulnerabilities [58], [59].  
2.2.1 Benefits of information disclosure  

The benefits of information disclosure refer 
to the advantages individuals receive when they 
provide their personal information to a party or 
system. These benefits can be categorized into 
extrinsic and intrinsic rewards. Extrinsic benefits 
encompass external incentives that individuals gain 
from sharing their personal information, such as time 
efficiency, financial savings, promotional 
incentives, and other tangible rewards. Conversely, 
intrinsic benefits refer to internal rewards derived 
from information disclosure, including enjoyment, 
self-esteem enhancement, and personal satisfaction. 

In the context of digital wallets, providing 
personal information to service providers enables 
users to access various benefits offered by these 
platforms, such as discount promotions, loyalty 
rewards, point accumulation, and a seamless user 
experience, all of which contribute to greater 
satisfaction and enjoyment. When users perceive 
that the benefits of disclosing their information 
outweigh potential risks, they are more likely to 
engage in information-sharing behaviors [60], [61].    
2.2.2 Risks of information disclosure  

The risks associated with information 
disclosure refer to the potential disadvantages 
individuals may encounter when sharing their 
personal data with entities or systems. In the context 
of digital wallets, these risks include data breaches, 
insecure authentication mechanisms, and 
vulnerabilities in third-party services, all of which 
pose significant security concerns for users. When 
users perceive that the risks associated with digital 
wallet usage outweigh the benefits, they may be 
reluctant to adopt or continue using e-wallet services 
[62], [63].  

 

2.2.3 Intention to disclose personal 
information  
In general, the intention to disclose personal 

information refers to an individual's willingness to 
share their personal data with another party or 
organization. This intention is often influenced by 
various psychological and contextual factors, 
including trust, transparency, perceived benefits, 
attitudes, and other relevant considerations [64], 
[65], [66].  

In the context of digital wallets, the 
intention to disclose personal information 
specifically refers to a consumer’s willingness to 
share their personal data with a digital wallet service 
provider to access and utilize the platform's services.  
 
2.3 Continuous Use of Digital Wallet  

Generally, continuous use refers to the 
ongoing utilization of a product, service, or system 
over time. In the context of digital wallets, 
continuous use denotes users' recurring engagement 
with the platform for financial transactions and 
related activities. The decision to continue using a 
digital wallet is influenced by several factors, 
including user satisfaction, perceived benefits, 
security perceptions, perceived risks, and perceived 
usefulness [67], [68], [69], [70].  

In addition, the sustained use of digital 
wallets is shaped by the degree to which users' 
expectations align with actual performance, further 
reinforcing engagement with the technology [68].  

 
 

 
 

Figure 1: Conceptual Model of the Study  

 
3. METHODOLOGY  
 

This section discusses about the 
methodology involved in the study. It involves 
instrument, validity, reliability, exploratory factor 
analysis (EFA), and pilot study. 
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3.1 Instrument  

The instruments involved in this study were 
primarily adapted and adopted from previous 
research related to Task-Technology Fit Theory, 
Privacy Calculus Theory, Digital Financial Literacy, 
Government Incentives, and Continuous Use of 
Digital Wallet as shown in Table 1. Additionally, 
several new items were developed to better align 
with the specific context of the study. The 
questionnaire was divided into four sections. The 
first section captured the demographic information 
of the respondents. The second section included 
items based on the Task-Technology Fit Theory and 
Privacy Calculus Theory. The third section 
addressed the dependent variable, namely the 
Continuous Use of Digital Wallet. The fourth section 
comprised items related to the two moderating 
variables: Digital Financial Literacy and 
Government Incentives.  

TABLE 1: QUESTIONNAIRE ITEMS  

Construct Number of 
Items 

Reference 

Task 
Characteristics 

(TAC) 

3 Zhou, Lu & Wang 
(2010) 

Technology 
Characteristics 

(TEC) 

3 Zhou, Lu & Wang 
(2010) 

Data Security 
Characteristics 

(DSC) 

6 Three items from 
Seberger, 
Shklovski, 

Swiatek & Patil 
(2022); three 
items newly 

proposed 
Application 

Characteristics 
(AppC) 

3 European Central 
Bank (2023) 

Task-Technology 
Fit (TTF) 

4 Zhou, Lu & Wang 
(2010) 

Financial 
Transaction 
Performance 

(FTP) 

5 El-Gayar, Deokar 
& Wills (2010) 

Benefits of 
Information 

Disclosure (BEN) 

3 Wang, Duong & 
Chen (2016) 

Risks of 
Information 

Disclosure (RISK) 

3 Wang, Duong & 
Chen (2016) 

Intention to 
Disclose Personal 
Information (INT) 

3 Wang, Duong & 
Chen (2016) 
Dinev & Hart 

(2006) 
Continuous Use 
of Digital Wallet 

(CUDW) 
 

4 Rahi & Ghani 
(2021) 

 

3.2 Validity  
Validity refers to the extent to which a 

concept is accurately measured in a quantitative 
study and the validity of a research study refers to 
how well the results among the study participants 
represent true findings among similar individuals 
outside the study [71], [72].  
 
3.2.1 Content validity  

Content validity refers to the degree to 
which an assessment instrument is relevant to and 
representative of the targeted construct it is intended 
to measure [73]. Content validation provides 
evidence regarding the validation of an instrument 
by evaluating the degree to which it accurately 
measures the targeted construct [74]. This process 
enables the instrument to support meaningful and 
appropriate inferences and/or decisions based on the 
instrument scores given, in accordance with the 
assessment’s purpose [75], [76], [73]. An expert 
panel typically consists of subject matter experts and 
professionals with experienced in survey design, 
data collection, coding, and data analysis [77], [78]. 
Accordingly, five expert reviewers were selected to 
evaluate all the items within the constructs.  

The five expert reviewers, each with a 
background in Information System, were asked to 
access all the construct items by assigning a score of 
1,2, or 3, where 1 = poorly match (the item is 
unrelated to the study and should be removed), 2 = 
moderately match (the item is relevant but requires 
revision to better align with the study), and 3 = 
perfectly matched (the item is highly relevant to the 
study). In addition to scoring, the expert reviewers 
were also invited to provide additional relevant 
comments regarding the items under review.  
 
3.3 Reliability  

Reliability refers to the consistency of a 
measurement instrument [79]. According to Price, 
Jhangiani and Chiang [79], there are three types of 
consistency: over time (test-retest reliability), across 
items (internal consistency), and across different 
researchers (inter-rater reliability). The internal 
consistency pertains to the extent to which 
respondents consistently answer similar items within 
a multi-item scale [79]. The test scores are 
considered reliable if they remain consistent across 
(a) different testing occasions, (b) different editions 
of the test containing different questions or problems 
designed to measure the same general skills or types 
of knowledge, and (c) different scoring of the test 
taker’s responses, by different raters [80]. According 
to Hair, Babin and Anderson [81], an instrument’s 
reliability is defined as its capacity to consistently 
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yield trustworthy results across measurement 
executions. Moreover, to access the instrument’s 
internal consistency, the Cronbach’s alpha value was 
computed for every item [82], [83]. Sekaran and 
Bougie [85] noted that a Cronbach’s alpha value is 
considered good if it exceeds 0.80, acceptable if it 
falls between 0.60 and 0.70, and poor if it below 
0.60.  
 
3.4 Exploratory factor analysis (EFA)  

Exploratory factor analysis (EFA) is a 
statistical technique used to identify items that 
specifically represent the underlying construct 
measured by a questionnaire [85], [83]. According to 
Hair et al. [81] and Mindrila [85], EFA can be 
conducted with a minimum sample size of 100 
respondents. Prior to performing EFA, the Kaiser-
Meyer-Olkin sample adequacy test (KMO) and the 
Bartlett’s Test of Sphericity should be conducted to 
access the suitability of the dataset for factor 
analysis. These tests evaluate whether the data meet 
the assumptions required for factor extraction. In 
addition, for a factor to be considered valid, its 
eigenvalue – which reflects the amount of variance 
explained by each component – must be at least one. 
The threshold values and relevant sources for these 
criteria are summarized in Table 2.  

TABLE 2: FACTOR ANALYSIS CRITERIA CUT-OFF 

The Criterion Satisfactory Level 
KMO > 0.5 

Bartlett’s Test of Sphericity < 0.05 
Eigenvalue > 1.0 

Factor Loading > 0.4 

 
3.5 Pilot test  

A pilot study is a preliminary investigation 
conducted to evaluate various aspects of the 
approaches intended for a more extensive, rigorous, 
or confirmatory study [86]. The pilot study primary 
objective is not to address specific research 
questions but rather to ensure that researchers do not 
commence a large-scale study without adequate 
understanding of proposed methods, and it also 
serves to prevent potential critical flaws in a study 
that may be costly in in terms of time and resources 
[87]. Additionally, researchers also use pilot study to 
access the effectiveness and feasibility of the 
intended research techniques and procedures [87].  

In this study, the pilot study was conducted via 
an online questionnaire, which was distributed 
through an official class group chat. The 
questionnaire was distributed among higher 
education students, as this study focused on 
individuals aged 18 years and above. To be eligible, 
participants were required to be users of digital 

wallet. A total of 38 students expressed interest and 
participated in the pilot study.  
 
4. Findings  
 

This section discusses about the finding of 
the study. It involves results of validity, reliability, 
and exploratory factor analysis (EFA).  
 
4.1 Validity result 

Based on the evaluation scores and 
comments provided by the five experts reviewers, 
the instruments were revised to enhance the study’s 
accuracy and significance.  Table 3 presents the 
feedback from the expert reviewers. the expert 
reviewers’ feedback. However, not all constructs are 
included in the table as several received uniformly 
positive feedback. Only selected items that received 
substantial commentary are presented in Table 3. All 
items within the construct of application 
characteristics, financial transaction performance, 
and intention to disclose personal information were 
unanimously approved by the expert reviewers. 
Therefore, these constructs are excluded from the 
table.  

TABLE 3: REVIEWERS FEEDBACK AND ITEMS 

CORRECTION 

Construct Original 
Item 

Feedback Corrected 
Item 

Task 
Characteristics 

I need to pay 
my 

purchasing  
real-time. 

ER4: Need to 
rephase to 

ease 
understandin

g 

I need to pay 
my purchasing 

on the spot. 

Technology 
Characteristics 

I can count 
on digital 

wallet to be 
"up" and 
available 

when I need 
it. 

ER4: The 
choice of 

word. 

My digital 
wallet is often 

"up" and 
available 

when I need it. 

Data Security 
Characteristics 

Control of 
personal 

information 
lies at the 
heart of 

mobile app 
users’ 

privacy 
control. 

ER3: Too 
general. 

My digital 
wallet enables 
me to control 
my personal 
information 
through the 

privacy 
control 

settings. 
Task-

Technology Fit 
In helping 

complete my 
payment 
tasks, the 

functions of 
digital wallet 
are enough. 

ER1: 
Consider 

replacing the 
word 

“enough” 
with 

sufficient and 
rephrase the 

whole 
sentence. 

The functions 
of my digital 

wallet are able 
to complete 
my payment 

tasks. 

Benefit of 
Information 
Disclosure 

The digital 
wallet 

application 
provides 

personalized 

ER4: 
Ambiguous 
statement. 

My digital 
wallet 

application 
provides 

offers and 
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offers 
tailored to 

the context of 
individual 
activity. 

promotions 
based on my 

previous 
activities and 
transactions. 

Risk of 
Information 
Disclosure 

 

The potential 
loss in 

disclosing 
my personal 
information 

to digital 
wallet would 

be high. 

Rephrase to 
make it 
clearer. 

Disclosing 
personal 

information to 
my digital 

wallet could 
result in a high 
potential loss, 

such as the 
theft of 
personal 

information. 
Continuous Use 

of Digital 
Wallet 

 

In future, 
because of 

need, I would 
like to 

continue use 
of digital 

wallet even 
though 

digital wallet 
facing data 

breach 
issues. 

EX2: Not 
that suitable. 
Maybe it is 

good to 
rephrase. 

In the future, 
because of 
necessity, I 

would like to 
continue using 

a digital 
wallet, even 

though it may 
face data 

leakage issues. 

(EX = Expert) 
 

Table 4 presents the Content Validity Index 
(CVI) for all items included in this study. Based on 
the results shown in the Table 4, it can be concluded 
that all expert reviewers agree with the proposed 
items, although minor revisions were recommended. 
The Scale-Level Content Validity Index (S-CVI) 
scores range from 0.80 to 1.00, which is considered 
acceptable according to established benchmarks 
[88], [89], [90], [91]. 

TABLE 4: CONTENT VALIDITY INDEX 

Item EX 
1 

EX 
2 

EX 
3 

EX 
4 

Numbers 
of 

Relevance 

I-
CVI 

Agree-
ment 

TAC1 2 2 2 2 5 1 Agree 
TAC2 2 2 2 3 5 1 Agree 
TAC3 2 3 2 3 5 1 Agree 

     S-CVI 1  
TEC1 3 3 1 2 4 0.8 Agree 
TEC2 2 3 1 3 4 0.8 Agree 
TEC3 3 3 1 3 4 0.8 Agree 

     S-CVI 0.8  
DSC1 2 3 3 2 5 1 Agree 
DSC2 2 3 3 3 5 1 Agree 
DSC3 3 3 3 2 5 1 Agree 
DSC4 3 3 3 2 5 1 Agree 
DSC5 3 2 2 2 5 1 Agree 
DSC6 3 3 2 2 5 1 Agree 

     S-CVI 1  
AppC1 3 3 3 3 5 1 Agree 
AppC2 3 3 3 3 5 1 Agree 
AppC3 3 3 2 3 5 1 Agree 

     S-CVI 1  
TTF1 3 3 2 3 5 1 Agree 
TTF2 3 3 2 3 5 1 Agree 
TTF3 3 3 2 3 5 1 Agree 
TTF4 3 3 2 3 5 1 Agree 

     S-CVI 1  
FTP1 3 3 3 3 5 1 Agree 
FTP2 3 3 3 3 5 1 Agree 
FTP3 3 3 2 3 5 1 Agree 

     S-CVI 1  
BEN1 3 3 3 2 5 1 Agree 
BEN2 3 3 3 2 5 1 Agree 
BEN3 3 3 1 2 4 0.8 Agree 

     S-CVI 0.93  
RISK1 3 3 2 3 5 1 Agree 
RISK2 2 3 2 3 5 1 Agree 
RISK3 2 3 2 3 5 1 Agree 

     S-CVI 1  
INT1 3 2 3 3 5 1 Agree 
INT2 3 2 3 3 5 1 Agree 
INT3 3 2 1 3 4 0.8 Agree 

     S-CVI 0.93  
CONT1 3 3 3 3 5 1 Agree 
CONT2 3 3 1 3 4 0.8 Agree 
CONT3 3 3 2 3 5 1 Agree 
CONT4 2 3 2 2 5 1 Agree 

     S-CVI 0.95  
(1 = Poorly match – unrelated and need to remove, 2 = Moderately match 

- relevant but need to review, 3 = Perfectly match – highly relevant) 

 
4.2 Reliability 

The reliability analysis was also performed 
using SPSS version 29. Table 5 reports the 
Cronbach’s alpha values for all items included in the 
study. As shown, the Cronbach’s alpha for the 
overall items exceeds 0.70, demonstrating an 
acceptable level of internal consistency. The table 
further provides a comparison between the original 
Cronbach’s alpha values and the values obtained 
when individual items were deleted. The 
"Cronbach’s alpha if item is deleted" analysis 
suggests that the reliability coefficient would 
improve slightly if certain items were removed.  

TABLE 5: RELIABILITY TEST 

Construct Number 
of items 

Original 
Cronbach’s 

Alpha 

Cronbach’s 
Alpha if 
item is 
deleted 

Items to 
be 

deleted 

Task 
Characteristics 

3 .803 .803 0 

Technology 
Characteristics 

3 .730 .875 TEC1 

Data Security 
Characteristics  
(new)  

6 .896 .905 DSC5 

Application 
Characteristics  
(new)  

3 .804 .948 AppC3 

Task-
Technology 
Fit 

4 .974 .975 TTF1 

Financial 
Transaction 
Performance  

3 .928 .938 FTP1 

Benefits of 
Information 
Disclosure 

3 .863 .904 BEN3 

Risks of 
Information 
Disclosure 

3 .941 .980 RISK1 

Intention to 
Disclose 
Personal 
Information  

3 .844 .890 INT3 

Continuous 
Use of Digital 
Wallet  

4 .881 .970 CUDW4 
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4.3 Exploratory Factor Analysis (EFA) 

Exploratory Factor Analysis (EFA) was 
conducted SPSS version 29. As presented in Figure 
2, the Kaiser-Meyer-Olkin (KMO) value exceeds 
0.5, indicating the data meet the minimum threshold 
for sampling adequacy, as a KMO value of 0.5 or 
higher is generally considered acceptable. 

TABLE 6: KMO AND BARTLETT’S TEST 

  
 

Table 7 reports the communality values for 
all items. Communality serves as a useful indicator 
of how well each item is represented by the extracted 
factors [92]. As shown, all communalities exceed the 
threshold of 0.5, with values ranging from a 
minimum of 0.523 to a maximum of 0.923, thereby 
indicating satisfactory item representation. 

TABLE 7: COMMUNALITY OF COMPONENTS 

Components Initial Extraction 
1 1.000 .721 
2 1.000 .656 
3 1.000 .816 
4 1.000 .844 
5 1.000 .923 
6 1.000 .797 
7 1.000 .750 
8 1.000 .877 
9 1.000 .523 
10 1.000 .638 

 
Table 8 presents the total variance 

explained by the extracted components. As shown, 
three factors were extracted. Among the ten 
components, the first component alone accounts for 
44.259% of the total variance. These three factors 
were retained based on the criterion of eigenvalues 
greater than one. Collectively, the three factors 
explain 75.454% of the total variance.  

TABLE 8: TOTAL VARIANCE EXPLAINED 

  
 

Table 9 presents the scree plot of the 
components, in which the eigenvalues are arranged 
in descending order. The highest eigenvalue is 
4.426, while the lowest is 0.780.  

TABLE 9: SCREE PLOT 

 
 

Table 10 presents the rotated component 
matrix of the study. The matrix compromises ten 
components distributed across three extracted 
factors.  

TABLE 10: ROTATED COMPONENTS MATRIX 

  Factor  
 1 2 3 
Task Characteristics .346 -.105 .768 
Technology 
Characteristics 

.075 .237 .771 

Data security 
characteristics 

.868 .088 .232 

Application 
characteristics 

.903 .129 .103 

Task-technology fit .890 .038 .360 
Financial transaction 
performance  

.838 .088 .294 

Benefits of 
information disclosure 

.105 .839 .189 

Risks of information 
disclosure 

-.004 .933 .086 

Intention to disclose 
personal information 

.346 .551 -.317 

Continuous use of 
digital wallet 

.758 .128 -.217 

 
5. DISCUSSION  
 

This study involved a pilot investigation 
comprising 38 respondents. The respondents were 
digital wallet users aged 18 years and above. 

To validate the content of the instrument, 
expert reviewers were consulted. These reviewers 
consisted of five specialists with backgrounds in 
Information Systems. They were asked to evaluate 
the instrument’s content by assigning scores ranging 
from one to three. A score of one indicated a poor 
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match, suggesting that the item was unrelated and 
should be removed; a score of two indicated a 
moderate match, meaning the item was relevant but 
required revision; and a score of three indicated a 
perfect match, signifying that the item was highly 
relevant. In addition to assigning scores, the expert 
reviewers were also permitted to provide comments 
to further improve the content of the items. Based on 
the evaluations, it can be concluded that all expert 
reviewers agreed with the content of the items in this 
study. However, the comments provided by the 
reviewers must be taken into consideration. 
Accordingly, modifications to the items were made 
based on the expert reviewers’ feedback.  

In terms of the reliability test, all items of 
the constructs scored above 0.6, indicating that the 
item loadings are acceptable, as suggested by Hair, 
Hult, Ringle, and Sarstedt [93]. In addition, the 
Cronbach’s alpha values were examined under the 
condition of item deletion. Based on these results, 
one item from each construct (except task 
characteristics) required deletion to improve the 
overall Cronbach’s alpha value. 

With respect to exploratory factor analysis 
(EFA), the Kaiser–Meyer–Olkin (KMO) value 
obtained in this study was 0.766, which exceeds the 
satisfactory threshold of 0.5. This result confirms 
that the sampling adequacy of the study is 
acceptable. Furthermore, the communality values for 
all items demonstrated satisfactory results, ranging 
from a minimum of 0.523 to a maximum of 0.923. 
According to the total variance explained, only three 
components had eigenvalues greater than one, while 
the remaining components had eigenvalues below 
one. The cumulative percentage of variance 
explained was 75.454%, indicating that the three 
components with eigenvalues greater than one 
accounted for 75.454% of the variance in the study. 
The remaining percentage was explained by seven 
components with eigenvalues below one. The 
eigenvalues were also illustrated graphically through 
the scree plot. The rotated component matrix 
revealed the loading values for each component. 
Five items—data security characteristics (.868), 
application characteristics (.903), task–technology 
fit (.890), financial transaction performance (.838), 
and continuous use of digital wallet (.758) - loaded 
onto Factor 1, which represents digital wallet usage. 
Three items - benefits of information disclosure 
(.839), risks of information disclosure (.933), and 
intention to disclose personal information (.551) - 
loaded onto Factor 2, which represents privacy. 
Factor 3 comprised task characteristics (.768) and 
technology characteristics (.771), representing the 
alignment between task and technology. 

Based on the overall results, the 
implications this study suggest that the instrument 
offers valuable insights. The findings demonstrate 
that the items associated with the two proposed 
constructs – Data Security Characteristics and 
Application Characteristics – are both appropriate 
and applicable for use in the main study. Indirectly, 
these findings contribute to a new perspective to the 
Task-Technology Fit (TTF) Theory.  
 
6. CONCLUSION  

 
In conclusion, instrument development and 

validation are critical processes, as they serve to 
establish construct validity. Moreover, they 
constitute an essential component of survey 
validation, ensuring that a multi-item survey 
accurately measures the intended constructs.  

 
The results of this preliminary study offer 

initial support for the model constructs and 
measurement instruments intended for use in the 
main study. However, revisions to certain items are 
necessary to address identified shortcomings prior to 
full implementation. Furthermore, this initial 
investigation lays the groundwork for the inclusion 
of the newly proposed constructs – Data Security 
Characteristics and Application Characteristics – 
give the promising performance of the related items.  
 
7. IMPLICATIONS  

 
This study establishes a new foundation for 

future research in terms of instrument development. 
The introduction of data security characteristics and 
application characteristics as novel constructs within 
task-technology fit theory enhances current 
investigations related to technological fitness. 
Indirectly, these two constructs also provide fresh 
insights into the existing task-technology fit 
framework.  

Furthermore, the integration of task-
technology fit theory with privacy calculus theory 
offers new perspectives on how the fitness of digital 
wallets and their associated privacy dimensions 
influence continuous usage. The notion of service-
privacy fit may also be regarded as an innovative 
extension for current practice.  

In addition, this study offers a holistic lens 
through which fintech adoption can be understood. 
The development of the instrument further enables 
digital wallet service providers to identify and 
address gaps in sustaining user engagement with 
digital wallet services.  
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8. LIMITATION  

 
This study is limited to instrument 

development. The findings are limited to analyses 
pertaining to the development of the instrument, 
without the inclusion of any hypotheses. Although 
the results of this study indicate positive outcomes, 
the generalizability of these findings may be 
constrained by the limited sample size employed.  
 
9. RECOMMENDATION  

 
It is recommended that future research 

adopt or adapt this instrument as a foundational tool 
for further exploration. The utilization of this 
instrument is expected to enhance existing findings 
related to the fitness of digital wallets, the privacy of 
digital wallets, and the continuous use of digital 
wallets. Moreover, it is advisable that the instrument 
be applied to a large-scale population sample, as the 
present study was limited to the use of a pilot test 
sample.  
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