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ABSTRACT

The purpose of the current study is to estimate the factors stimulating the acceptance and use of information
technology (IT) systems by practitioners and trainees. To solve this problem, the research has applied the
technology acceptance model (TAM) - this model has been becoming one of the widely accepted research
models in the field of IT applications. However, when conducting a comprehensive review of existing
literature, it was found that the relationship results in TAM were inconsistent between the studies given the
diversity of predictive factors in the TAM along with cultural differences. Therefore, this study attempts to
suffice this gap by assessing the interaction factors in TAM with the e-learning context of working adults.
The results show that experience, enjoyment, and self-efficacy affected learners' perceived usefulness and
ease of use, which in turn affected the satisfaction and intent of the behavior. Therefore, this study has
provided insight into how learners shape their attitudes and intentions for e-learning.

Keywords: E-Learning, Practitioners And Trainees, Experience, Self-Efficacy, TAM

1. INTRODUCTION

The emergence of the internet and the
development of modern information technology
have brought about tremendous changes in society,
in which education is one of the areas that receive
the most positive benefits from this appearance.
Unlike in the past, learners' knowledge is mainly
provided by books and teachers, today, with the
explosion of information technology, the
availability of diverse knowledge sources is
provided online with supporting of internet
connections. Therefore, information technology
creates conditions for learners to learn and
exchange knowledge easily. It is also a good
condition to support educational institutions,
businesses, and learners during the COVID-19
pandemic. It also makes it possible for people to
self-study at a low cost and contributes to the
creation of a lifelong learning society. Moreover, IT
also facilitates learners to access diverse and
valuable resources that learners in developing
countries do not have many opportunities to
support. In particular, e-learning has brought great
benefits not only for learners and educational
institutions but also for society as the physical
classroom still represents the limitations of space,
time, and location [1]. In contrast, the greatest
power of e-learning is based on its potential to offer
an appropriate training level of whenever and

wherever needed [2], specifically its benefit
towards practitioners and trainees. In other words,
the main advantage of e-learning is flexibility and
accessibility [3]. Specifically, e-learning connects
all educational activities conducted by different
individuals and groups, online and offline both,
through networked or independent devices,
allowing users to access to a learning platform
without time and space restrictions [4]. The
system's competitive advantage stems from its
ability to allow users to navigate and customize
content through eliminating an education and
training approach of one size fits all [5], and to
facilitate a learning platform transcending time and
space [6]. It becomes an alternative option for
learners because it is more comfortable than
studying in schools, often due to anxiety, the
pressure of direct contact with teachers, crowds,
traffic jams, limited time, etc. [7].

The global outbreak of the COVID-19 epidemic
has left serious consequences for the whole society,
not only negatively affecting human health and
economic activities but also causing difficulties in
the education sector. For the first time in the history
of education in Vietnam, not only the majority of
students at universities, but also students from
primary to high schools in the country have
formally accessed the online learning system.
Therefore, grasping the advantages of online
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learning can lead to the prevalence of many online
courses in the future.

While many current studies focus on e-learning
globally, many authors conclude by calling for
more examination of e-learning intent in specific
countries, typically growing and underdeveloped
countries. Even the use of e-learning systems is
becoming popular, but there is still a lack of
investment and asynchronism in developing
countries. This is due to poor internet connection
quality, inadequate infrastructure, and lack of
financial support [8]. Besides, the lack of
knowledge about e-learning [8] and a lack of
motivation to adapt to change are other reasons
preventing effective technology application.

Review literature indicated that to explore the
impact of technology on wuser attitudes and
behaviors, many authors have used TAM as a
baseline model in their studies [9, 10]. Although,
Legris et al. [11] criticized TAM, authors also
expected that other external variables should be
added to be shed more light on factors influencing
users’ technology adoption. It is recognized that
two belief constructs including ease of use and
usefulness might not identify all the crucial
components in predictive technology acceptance
[12]. Besides, the assessment of factors affecting
the behavioral intent of e-learners also lacks
consistency among  studies, especially for
practitioners and trainees who are busy, needing
great support from technology to save time and
effort. This study, thus, uses TAM as a platform
model to examine the role of technology in e-
learning and the core factors of the model can also
predict student satisfaction [10, 13, 14]. Some
studies have looked into different effects of culture
on the appropriateness of models [8, 15, 16,17]. In
other words, it can’t ignore exploring the nature and
influence of individual use and technology context
factors to enhance the unique characteristics of a
particular technology [18]. This has led to this study
being conducted to assess the factors that influence
learners' intention to accept information technology
in the Vietnamese context. The research results
show that experience, enjoyment, and self-efficacy
affect the usefulness and ease of use of learners,
thereby affecting the satisfaction and intention of
the behavior. However, the study has not evaluated
the regulatory role of demographic factors. Which
is thought to lead to differences in learners'
behavior due to differences in gender, income level
or education level. This research can help
educational institutions tailor their e-learning
systems, by exploring the results of this study.

Therefore, this study expects to provide relevant
results for educational institutions to attract students
toward e-learning. By examining the relevance of
belief constructs in the context of using technology
to study, moreover, also to explain why students in
a higher education institution accept or refuse e-
learning. This study, therefore, provides a
comprehensive model to fill the gap in previous
studies by assessing the factors that interact in TAM
with the e-learning context of practitioners and
trainees.

2. BACKGROUND AND HYPOTHESES
2.1 The technology acceptance model (TAM)

Davis [19] proposed a TAM based on the
theory of planned behavior [20, 21] and the theory
of rational action [22] which aimed to assess users'
perceptions, attitudes, and intentions toward a
technology. Agarwal and Karahanna [23] stated
that user acceptance is an important factor to prove
the value of the system. Therefore, TAM has been
constructed as a universal model to explain and
predict users’ acceptance of diverse information
systems like online consumer behavior, e-mail,
spreadsheets, word processing, the World Wide
Web, and e-commerce [24]. Moreover, TAM is an
influential model in the field of information
systems and also to predict the e-learning
acceptance of learners [25]. For TAM, the
expectation to improve work performance is
described as a direct predictor of intention to
engage in use. The reason justifying this change is
that users may not like using technology, but can
continue to use it because of their positive
awareness of the impact of technology on job
performance [26]. TAM incorporates elements
PEOU, PU, A, 1, and U, laying the foundation for
different studies on the application of information
and technology by users [26]. Among them, easy-
to-use and useful perceptions are considered to be
the most important structures that determine system
use [27]. This is because users either accept or
reject technology, mainly influenced by these two
structures (Davis, 1989). Specifically, TAM
hypothesizes that user attitudes (UAT) are
generally influenced by usability (PU) and ease of
use (PEU). Davis et al. [26] has determined that
ease-of-use is viewed as the degree to which an
individual perceives that employing a particular
system is effortless, perceived easy-to-use is proven
to indirectly affect the intent of behavior by
influencing perceived usefulness. Meanwhile, user
perception is that users believe that utilizing the
system will improve their performance [27], which
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represents the perceived outcome of the available
experience [28]. Besides, users' attitudes will
directly affect their intention to use technology.
Recently, TAM has been applied to the field of e-
learning [29]. This study developed an expanded
version of TAM to explore the factors that
influence learners' decision to use the e-learning
system.

2.2 Related constructs

According to TAM, acceptance is
regarding the intention to apply a particular system,
this is determined by the superiority of use and
recognition of the ease of use of the system. Davis
et al. [26] shows that PU is directly affected by
PEOU and both affect UAT. In the context of e-
learning, if learners find it easy to use e-learning
systems to study online, they can be more likely to
believe that e-learning systems give them more
advantages. [15, 30, 31]. Shen and Chuang [32]
expanded TAM by combining two external
variables, interactivity, and self-efficacy, to test
students' attitudes and intentions in the use of
interactive whiteboard technology. This extended
model has demonstrated that students' attitudes and
intent to use the system are influenced by
interaction, self-awareness, ease of use, and user
awareness. That is, the easier it is for e-learners to
interact with the particular e-learning system, the
more useful learners will find it. In addition, the
greater the ease of use of the particular e-learning
system, the more positive its intention to use it is,
the more likely it will continue to be used [33].

In addition, TAM assumes the direct
influence of PU and ATU on UBI, in which, UAT
is an explanatory variable for users to assess
positively or negatively in completing certain
behaviors when using technology [22]. Following
this line of reasoning, satisfaction with the use of
technology is chosen as the main indicator of its
acceptance in this study. User satisfaction, defined
as the extent to which users assess that information
system attributes are appropriate to their needs and
expectations [34]. Moreover, user satisfaction is
considered as an important factor affecting the
success of e-learning systems [35, 36].

Therefore, several studies have
demonstrated that perceived usefulness and ease of
use are closely related to user satisfaction [37, 38].
A rigorous review of educational material
illustrates that satisfaction occurs when individuals

who believe that a clear understanding of e-learning
have achieved expected results or exceeded their
cognition about expected results [35, 39, 40]. Sun et
al. [9] provided much useful empirical evidence on
the positive relationships between learners'
satisfaction with e-learning and its usefulness, in
turn, learners' satisfaction can have a direct impact
on shaping their behavioral intent. Liaw [41] also
found a positive causal relationship between the
satisfaction of using an e-learning system and the
learner's behavioral intentions. The results show
that the satisfaction of users is higher for an
information system, which will lead to increased
intention the more they intend to use the system and
vice versa. Based on these discussions, the current
study proposes a number of the following
hypotheses:

H1: PEU positively affects PU.

H2: PEU positively affects learners'
satisfaction.

H3: PU positively affects learners'
satisfaction.

H4: PEU positively affects learners'

behavioral intentions.

HS5: PU positively influences the learner's
behavioral intentions.

Although TAM is estimated as one of the
most influential and popular models in information
technology [42, 43], however, some researchers
have improved TAM by combining it with
"external variables". Such external variables can
improve the viability of TAM, therefore, more and
more studies explore extended TAM in different
contexts. Specifically, Lee et al. [44] expanded
TAM by integrating previous experience factors,
computer efficiency, task equivalence, and
organizational support to test the impact of factors.
As a result, PU has been influenced by
organizational support, prior experience, and task
equivalency. On the contrary, PEOU is affected by
the level of organizational support and computer
efficiency. Besides, the expanded TAM proposed
by Abdullah et al. [45] investigated the influence of
external  factors  (including  self-efficiency,
subjective standards, interest, and computer
concerns and experience) toward the student's ease
of use and their useful awareness and behavioral
intent for the electronic portfolio system by
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collecting data from 242 UK university students.
The results show that the three important factors to
predict students' ease of use awareness are
experience, enjoyment, and  self-efficacy.
Meanwhile, the best predictive tool for students'
useful perception of this system is the perception of
its the ease of use and enjoyment. In addition, many
other studies on the effect of experience, self-
efficiency, and enjoyment on the two belief
structures of TAM have been carried out in
different cultures, and the results are consistent.
Specifically, while Lau and Woods [46] and Martin
[47] demonstrate that experience only affects user-
perceived usefulness, research results from Deshp
et al. [48] and De Smet et al. [49], show that
experience only affects perceived ease of use.
Conversely, experience strongly affects both belief
structures [50, 51, 52].

Regarding the relationship between the
enjoyment factor and the two belief structures of
TAM, the difference in the research results of the
authors was also revealed when some studies
showed that enjoyment only affects the perception
of usefulness [53, 54], other studies have shown
that it only affects the perception of ease of use [55,
56], in contrast, Zare and Yazdanparast [57] and
Abdullah et al. [45] conclude that enjoyment
strongly influence both belief structures of TAM.
Similar results occur with the self-efficacy factor
[58, 59]. However, these results are all performed
in contexts where the e-learning systems have
developed strongly, so it can make a significant
difference when assessing the impact of these
elements in the different context of emerging
economies like Vietnam. In these discussions, the
following hypotheses are proposed:

H6: Experience has a positive influence on

PU.

H7: Experience has a positive influence on
PEU

H8: Enjoy a positive influence on PU.

H9: Enjoy a positive effect on PEU.

H10: Self-efficacy has a positive effect on
PU.

H11: Self-efficacy has a positive effect on
PEU.

Based on the above discussion, an
integrated conceptual framework has been formed
and shown in Figure 1.

[Insert figurel here]

3. METHOD
3.1 Sample

The current study aims to analyze the
factors influencing learners' acceptance of
information technology and its roles to practitioners
and trainees in schools in Vietnam. As a result, the
prototype involved students at several universities
in Danang, who used technology to study. This
target sample includes students of different ages
and genders. This study was conducted in August
2021.

In order to achieve accurate research goals
and other constraints in the data collection process,
we used purposeful sampling data. Five men and
five women were trained to collect data. Trained
interviewers approached and picked a random
individuals from different locations. Individuals
were asked whether they have ever applied
technology to their learning and at which school
they are currently studying. Only students who are
currently applying technology to learning can
participated in the project. Data from 329 student
participants was used.

3.2 Measurement

Seven structures were used including
experience, enjoyment, self-efficacy, perceived
usefulness, perceived ease of use, satisfaction, and
intent of behavior to evaluate research models. The
items for each structure were selected from
previous studies and adapted to the practitioners
and trainees context. This tool has been reviewed
by three instructors with relevant expertise to
ensure that the wording and content of the items are
appropriate.

The items used in the current survey are
based on theoretical evaluations of empirical
variables and are derived from previous studies
(e.g. Abdullah, Ward, & Ahmed, 2016). The items
of the experience scale are aggregated based on the
scales from these studies.

Five items measuring enjoyment factor
taken from the research results of Al-Aulamie et al.
[60] and Attis [61], and the next five items used to
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measure self-efficacy factors were derived from the
study of Abramson et al. [S1] Adetiimirin [62] and
Al-Ammary et al. [55].

A tool to measure user satisfaction has
been adopted from the research results of Saha [63]
and Henning Thurau et al. [64]. This variable has
five items used to measure the level of learners'
satisfaction with the application of technology for
learning. For intent to measure learners' behavior,
the scales of Ladd and Profilet [65] was applied to
the context of the study.

All items considered in the structures were
measured using a 7-point scale, (7) representing full
agreement, and (1) representing full disagreement

4. RESULTS
4.1 Assess and complete the scale

After eliminating the invalid answers, 329
of the 345 responses from the survey results were
used for analysis. Table 1 showed the demographic
characteristics of respondents. While most of the
learners are male, accounting for 74.5% of the
sample size, the female account for only 25.4%.
Among the students surveyed, 92.7% were aged
under 40 years, 7.3% were over the age of 40. All
of the students interviewed have been applying
information technology to learn, shown in Table 1.

[Insert Table I here]

One of the most important identifications
of a reliable scale is the alpha coefficient.

The reliability of the items needs to be
calculated and the items with low reliability will be
deleted. First, at Churchill's suggestion, Cronbach's
Alpha coefficients were evaluated along with item-
to-total correlations of items. The scale assessment
is used to determine whether an item should be
discarded with item-to-total correlations less than
0.5 [66]. Accordingly, 3 items were removed to
improve the correlation between the items and the
corresponding  Cronbach  'Alpha coefficient,
resulting in 34 items that were proposed for further
analysis. The results are summarized in Table 2.

[Insert Table 2 here]

As shown in Table 2, before deleting items
that do not guarantee the reliability, the Cronbach's

alpha coefficients of the structures are from .820 to
902. In turn three items of the recommended
structures are removed to achieve better results.
After deleting the above items, the Cronbach's
alpha of structures from .849 to .902. Therefore, the
reliability of seven structures was ensured, with 34
items.

In the next step, exploratory factor
analysis (CFA) is performed using AMOS Graphic
to provide information about scale screening and
further improve the scale through checking data.
Alternate statistics such as reliability, AVE, factor
load factor are necessary to estimate.

4.2 Evaluation of measurement models

Affirmative factor analysis (CFA) is
performed for each research concept employing
purified items through internal consistency
analysis. Residual difference analysis was
performed to screen for additional scales.
Specifically, for items with balances greater than +
2.58, the deletion has been removed to reduce the
unidirectional nature of each research concept [67].
The result is as follows: 2 items of PEU have been
removed to ensure the model fits.

[Insert Table 3 here]

Table 2 shows that the items of each
structure have a higher multiplier than .50. Besides,
each structure displays an AVE level within the
permissible level (over .5), indicating that each
concept of the study is a reliable measurement tool.
Also, it is necessary to check that whether the
constituent elements are uniquely different from
each other and that the concepts are correlated with
external variables to prove the validity of each
concept.

As shown in Table 3, the model's
appropriate index is y2 / df = 2.04, respectively.
GFI = 0.853, TLI = 0.92. CFI = 0.929, IFI = 0.93.
RMSEA = 0.056.

It is also necessary for conducting the
Measurement of discriminant validity [68], in
which the correlation between concepts and their
associated confidence intervals is figured out, the
two concepts will not externalize significant
divergences when the confidence interval
encompasses 1.0 [69]. Table 4 denotes all suitable
criterions such as standard error, the correlation
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between each concept, confidence interval, and the
AVE.

[Insert Table 4 here]

4.3 Analysis of structural models

The experimental testing of the proposed
framework was implemented by utilizing Structural
equation modeling (SEM). The results showed that
TLI, CFI, IFI (respectively .898, .907, and .908)
met the requirements, indicating a good fit between
structure and data. The values of RMSEA, GFI are
.064 and .831, respectively, indicating close to the
appropriate level. y2 / df (2,339) is within the
proposed range. These suitability indicators are
sufficient and maintain that the structural model
shows appropriate data after considering the sample
size and can be applied to illuminate the hypotheses
of the particular study, meaning all suitable
indicators are placed between the respective
proposed evaluation and the research model,
providing for a good model fit.

An analysis of structural equation models
has also been performed to test this research
hypothesis. The results are presented in Table 5.

[Insert Table 5 here]

The results illustrate that all hypotheses
are supported excepting the pairs between
Enjoyment and PU, and Self-efficacy and, PEU are
insignificant.

The results manifest that all hypotheses are
supported, except for the relationship between
enjoyment and PU and between self-efficiency and
PEU, meaning hypotheses 8 and 11 are rejected (B
= -. 254, p> .1 and P = -.223, p> .1). First, the
strongest relationships are related to PU.
Specifically, the usefulness perceived by learners
has the greatest influence on their satisfaction and
intentions ( = .586, p <.001 and = .415, p <.001).
That means hypotheses 3 and 5 are accepted. Next
is the influence of external factors on the belief
structure of TAM, in which self-efficacy strongly
affects the usefulness perceived by learners (f =
301, p <.001), hypothesis 10 is accepted. Next is
the relationship between experience, enjoyment and
PEU, experience and PU also identified as positive
(B=.26,p<.001; p=.193,p <0l and B =.145, p
<.05), so the hypotheses 7, 9, 6 are accepted
respectively. Finally, the relationship between PEU

and PU, satisfaction and behavioral intentions of
learners were also found to be positive (B = .247, p
<.001; B =.215,p <001 and B =.199, p <.01), that
is, the hypothesis 1, 2, 4 are accepted. These
results, therefore, show that there is a difference in
the influence of external factors on PU. The study
of Ngo et al. [14] indicated that experience has the
strongest effects on PU. This difference is
attributed to differences in research contexts. In
addition, the study findings are consistent with the
results of Zare and Yazdanparast [57] and Abdullah
et al. [45] who suggested that enjoyment strongly
influences both belief structures.

5. CONCLUSION AND IMPLICATIONS

5.1 Conclusion

This study has attempted to explain the
satisfaction and intentions of learners towards e-
learning in the context of economies in developing
countries. An expanded technology adoption model
with a combination of other external variables such
as learners' experience, enjoyment, and self-
efficacy unravel further the behavioral intention of
practitioners and trainees.

To do that, the important purposes of the
current research were to 1) investigate the roles of
Self-efficacy, enjoyment, and experience in the e-
learning context of practitioners and trainees; 2)
unravel the relationships between Self-efficacy,
enjoyment, and experience and TAM’s belief
structures; and 3) to shed more light on the role of
the satisfaction and behavioral intention of learners
toward e-learning to consolidate and enhance their
engagement intention. The results of the research
have clarified the subjective assumptions that
people who both learn and work have many
opportunities to be exposed to technology and so
those experiences have made them more engaged in
the studying process through the e-learning system.
Firstly, the study findings are consistent with the
results of Abdullah et al. [45] and Martin [47] who
suggested that learner' experience has a significant
influence on TAM’s belief constructs. That means
learners’ experience is one of the key premises
deciding the level of their perception of usefulness
and ease of use. Besides, practitioners and trainees
are not just motived by the extrinsic factors (prior
experience) of e-learning but intrinsic motivation
(e.g. enjoyment, self-efficacy) also, these
motivators are important to enhance future
behavioral intentions towards the learning process.
Therefore, the findings also confirm that self-
efficacy of learners influence their perception of
usefulness without PEU. This result is consistent
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with some previous studies proposing self-efficacy
as one of the primary elements in e-learning [45].
Also, in the new context, for e-learners that are
those working adults, the research results confirm
their enjoyment has a positive relationship to PEU.
However, when comparing the effects of these
external factors on the two belief constructs, it was
found that PU was most strongly influenced by
self-efficacy whereas enjoyment was found to be
non-correlative with PU. The remaining belief
structure, PEU, was found to be most influenced by
experience. Therefore, it not only supports new
empirical evidence that can unravel more on the
TAM in Davis’s study [19] but is consistent with
some prior studies such as Chang et al. [50], Lai
and Ulhas [53], and Zare and Yazdanparast [57].
This implies that working adults emphasize the
criterion of saving time and effort in the learning
process, so once they feel that e-learning will help
them achieve this goal, they will have deeply
awareness of the technology acceptance's
usefulness and effectiveness in e-learning and be
more cohesive. The results show that PEU is an
important factor that not only promotes PU but also
leads to user satisfaction and behavioral intentions.
This means that increasing PEU will minimize the
mental and physical losses for learners, which will
give learners confidence in the usefulness of
applying information technology in learning.
Besides, the ease of use brings satisfaction to users
and stimulates future behavioral intentions.

The results also reveal that PU also
strongly influences the satisfaction and intentions
of learners, which is accordance with the results of
prior studies [9]. Therefore, educational managers
should  provide learning-related  software,
applications, and materials that must be directed to
their usefulness to please and maintain learner
engagement, so that learners can feel the
effectiveness of information technology application
firstly, it is convenient, fast, time-saving, and
effective.

5.2 Implications

The study results are providing an
extended TAM that can evaluate the roles of its
antecedence and consequences in the e-learning
context of practitioners and trainees. Hence, they
contribute some important implications for
behavioral theory groundwork and TAM literature
such as how external variables have influence on
two belief constructs of TAM in particular context
(e.g. Vietnamese practitioners and trainees) and

what potential outcomes are likely to be predicted.
However, these findings reveal that increasing
competition pressure among educational
institutions leads to creating the most conducive
and friendly environment for learners through
building a wuseful and easy-to-use -electronic
learning system is the necessity for service
providers. To facilitate learners in acquiring and
remembering lesson content, e-learning guides
should use a variety of creative methods and
multimedia tools in the design process of lectures
[70]. Besides, to enhance the connection between
learners and e-learning guides, there is a need to
create a convenient interactive environment. This
means that the more personalized the service, the
greater the engagement of the customer [17, 71,

72]. Therefore, education managers need to
establish learner-centered courses to enhance
learners' interest through electronic learning

systems [1].

In addition, practitioners and trainees have
several disadvantages in the learning process such
as time limitation, working pressure, poor memory
retention and inattention. Therefore, the creation of
an e-learning system that takes advantage of and
stimulates the learners' experience will help them
become more aware of the convenience, initiative,
and attraction of e-learning. That means that
experience in technology application has become
an important factor in evaluating the effectiveness
of the ease of use and usefulness of the e-learning
system. Besides, while an essential need of modern
society is communication, integration of e-learning
is difficult. E-learning has several limitations that
reduce the interaction among learners and between
learners and teachers. Therefore, educational
managers need to fully exploit electronic
communication tools such as box chat, virtual
classrooms and also encourage teachers to increase
interactive elements in teaching such as
gamification or interactive quizzes.

5.3 Limitations and future research

In addition to contributing to marketing
materials, the research has some limitations.

Firstly, the research was conducted by
conducting surveys in the Danang area and taking
educational services for practitioners and trainees
only as a research context without making
comparisons, leading to a limited research result.
Therefore, future studies can extend this study by
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comparing different learner subjects and regions to
further elucidate the important role of the
antecedents and the consequences of two belief
constructs of TAM.

Second, previous studies suggested that
service quality [24] and cognitive risk [73, 74] are
two of the most crucial factors influencing
consumers' decision-making process. In which,
service quality is regarding interactive and link
quality, the cognitive risk is related to personal
information security policies. It is expected, thus,
that an encompassing these two factors to explore
their effect level on learner behavior will be
conducted in the future extended TAM.

Finally, the role of situational factors (such
as demographic characteristics) is seen as a factor
that significantly influences the strength of the
relationship between factors [17, 75]. However, this
study did not consider their influence on learners'
attitudes and behaviors. Therefore, further research
can examine the influence of these factors on the
relationship in TAM.
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Figure 1: Proposed model

Table 1. Demographic characteristics of respondents

Behavior
intention

Frequency Percentage

Sex Female 84 25.5

Male 245 74.5

Age Under 40 years 305 92.7

From 40 + 24 7.3
Education Private school students 120 36.5
Public school students 209 63.5
Table 2 Internal reliability
Construct Before the purification After the purification
Number of Item-total Cronbach’s Number of Item-total Cronbach’s

items correlation alpha items correlation alpha
EX 5 .275-.816 .821 3 .739-.833 .885
EN 5 .705-.740 .884 5 .705-.740 .884
SE 5 .257-.743 .820 4 122-.776 .881
PEU 7 .520-.732 .849 7 .520-.732 .849
PU 5 .633-.739 .866 5 .633-.739 .866
SAT 5 .691-.757 .890 5 .691-.757 .890
BI 5 .709-.823 .902 5 .709-.823 902

EX: experience; EN: Enjoy; SE: Self-efficacy; SAT

: satisfaction; BI: behavior intention.
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Table 3: CFA results of the measurement model
Constructs Cronbach’s alpha CR AVE Parameter estimate T-value
EX .885 0.892 0.628 .802-.930 18.577-19.283
EN .884 0.884 0.604 .761-.793 14.504-15.007
SE 881 0.882 0.650 .792-.829 15.998-16.49
PEU .849 0.867 0.519 .646-.730 10.342-11.650
PU .866 0.843 0.567 .697-.803 13.055-14.561
SAT .890 0.889 0.622 .733-.821 13.813-15.811
BI 902 0.903 0.652 .774-.880 15.937-19.907
Table 4 Results of correlation analysis between variables with confidence intervals
Q
g
a Mean EX EN SE PEU PU SAT BI
2
EX 4.5279 628
EN | 43435 S11(.091)
[.329; .693] 604
SE 42356 435 (.095) 532 (.086) 650
[.245; .625] [.36;.704] :
PEU | 4.4049 441 (.101) 428 (.085) 422 (.092) s19
[.239; .643] [.258; .598] [.238; .606] :
PU | 42261 476 (.093) 549 (.083) .553(.09) 555 (.097) 67
[.29; .662] [.383; .715] [.373; .733] [.361; .749] :
SAT | 4.2729 370(.157) .64(.087) .092(.039) .183(.066) .126(.045) 2
[.058; .171] [.466; .814] [.014; .170] [.056; .318] [.036; 215] :
BI 4.0626 31(.11) 44(.099) 46(.108) A14(111) 463(.104) 62(.111) 652
[.09; .53] [.242; 638] [.244; 676] [.192; .636] [255;.671] | [.398:.842]

Table-5: The results of the relationships among proposed constructs

Hypothesis Estimate C.R. p Result
H1 PEU-PU 0.247 4.013 ok Supported
H2 PEU-SAT 0.215 3411 ookl Supported
H3 PU-SAT 0.586 8.314 HHE Supported
H4 PEU-BI 0.199 2.85 0.004 Supported
H5 PU-BI 0.415 5.822 ool Supported
H6 EX-PU 0.145 2.445 0.015 Supported
H7 EX-PEU 0.26 3.779 ool Supported
H8 EN-PU -0.254 -0.891 0.55 Not supported
H9 EN-PEU 0.193 2.599 0.009 Supported
H10 SE-PU 0.301 4.796 ool Supported
H11 SE-PEU -0.223 -0.157 0.25 Not supported
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