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ABSTRACT

E-health is an application that focuses on community services that offer services in the health sector. Since
the Covid-19 pandemic, e-health applications have experienced an increase in users. The objective of this
study was to determine what factors influenced the level of acceptability of e-health applications. The findings
of this study indicated the most important aspects, such as the application's success rate and improved e-
health application performance. Unified Theory of Acceptance and Use of Technology 2 (UTAUT 2) was
the research model used. The online questionnaires in the form of survey were distributed and addressed for
the e-health application users in Jakarta, Indonesia. PLS-SEM was used for analyzing the data and it involved
190 respondents on the survey. The result showed that the 10 hypotheses proposed, there is 5 hypotheses
declared significant or accepted and others declared not significant or rejected.

Keywords: E-Health, User Acceptance, UTAUT2, PLS-SEM, Covid-19

1. INTRODUCTION

Beginning the year of 2020, the world has been
experiencing a situation that has developed into a
global emergency. This issue began with the spread
of Covid-19 that continues to grow exponentially.
According to JHU CSSE data, as of September 2021,
the total amount of positive cases of Covid-19 was
219 million over 4 million deaths [1]. The
occurrence of Covid-19 pandemic has provided
significant changes, especially in the order of human
social life. The way people communicate, socialize,
and carry out other activities that previously could be
done in person has now been moved online.

The sector that has succeeded in turning this
situation into an advantage is the one that can
collaborate with technology, as this pandemic
'forces' humans to undergo digital transformations.
Digital transformations are the process of
implementing disruptive technologies in order to
boost productivity, value creation, and social
welfare. There are numerous IT research regarding
to digital transformation. Recent studies [2] stated,
an intelligent healthcare must utilize advanced IT

systems and data assets effectively in order to
achieve their desired outcomes faster, and with less
risk. Therefore, information technology
development becoming a critical component of
assisting human life in meeting its daily needs.

One of the sectors that have implements the digital
transformation and has experienced a rapid increase
during this Covid-19 pandemic is an application that
focuses on community services that offer services in
the health sector or commonly called e-health. The
usage of the application in health sector provides
many benefits for the community, especially in the
current situation in which health is as the main focus
that must be maintained by the community to deal
with the Covid-19 virus. As an easily-accessed e-
health application, people can consult with the
doctors, buy some medicines, and conduct
laboratory examination via online.

2193



Journal of Theoretical and Applied Information Technology

LVA
I

15" April 2022. Vol.100. No 7

© 2022 Little Lion Scientific

SMnns

ISSN: 1992-8645

www.jatit.org

E-ISSN: 1817-3195

57,7%

28,5%
7,3% 7,0% 7,0% 9%
53% 52% 47%
& o s & & s
& & e § o s

10,5%
. N
g 5 5
& & & N
-3 & N
© & 3 5 @ N

& \S ¥ &
\y S < & @

Figure 1: Top-of-Mind E-Health Application

Indonesia has a variety of e-health applications.
According to DSResearch (2019), 57.7 percent of
438 respondents chose XYZ as the application that
immediately comes to mind when asked about e-
health applications [3]. This means XYZ is an
application that has the highest brand awareness.
Then followed by Alodokter, Klikdokter and Mobile
JKN. Based on the data above, this research will
focus on one application with the highest top-of-
mind score in Jakarta.

By 2021 the number of e-health application
installations has doubled from the previous year.
Even more, in terms of telemedicine, which has
increased nearly tenfold in the last decade [4]. These
occurred as a result of a Ministry of Health appeal
advising the public not to visit the hospital unless an
emergency occurred for the sake of public health
safety [5].

The rapid growth in usage of this application
shows a phenomenon in which e-health applications
gain many new users who use the services provided
during the Covid-19 pandemic. Due to the
widespread use of a system or application, it is
critical to obtain a success score for acceptance as a
metric of a system's success [6].

The purpose of this study was to determine the
elements that influence the level of user acceptance
of e-health applications by analyzing consumers’
behavioral intention and use behavior using an
information technology acceptance model developed
by Venkatesh et al. in 2012. The model was entitled
the Unified Theory of Acceptability and Use of
Technology 2 (UTAUT2). It was chosen as the
methodology as it focused on the acceptance and its
usage of technology in a user context. [7]. This study
addresses previous studies suggestions [8] to involve
price value and hedonic motivation variables. The
data collection was in the form of an online
questionnaire and distributed to the respondent as the
users of an e-health application in Indonesia. Then,
it was analyzed by using Structural Equation
Modeling - Partial Least Squares (PLS-SEM).

2. LITERATURE REVIEW

This section contains the theoretical basis used in
discussing and analyzing problems related to the
discussed topic. In this research, the things that will
be studied further are E-Health Application, User
Acceptance, UTAUT2, and PLS-SEM

2.1 Electronic Health (E-Health) Application

E-Health is defined as the application to improve
people’s health care [9]. The use of e-health can
integrate healthcare and technology to assist people's
lives while also cutting health-care expenses [10].
People can get health services anywhere and at any
time with E-health, from consulting a doctor to
actually buying medicine at the nearest clinic and
having it delivered directly to their home, making
medical appointments, lab tests, health articles, and
a variety of other health support features.

During this whole COVID-19 pandemic, the
presence of e-health has become one of the trends
that has resulted from the improvement of
communication technology, where people have a
high awareness that health is an important asset that
must be maintained and the desire to continue to seek
information quickly from reliable and considered
trustworthy sources [11]. Because of the public's fear
of COVID 19, people are hesitant to go to the
hospital when they only have mild illness or specific
symptoms, e-health becomes a viable solution [12].

In line with the high level of demand for health
services during the pandemic, one of the e-health
applications in Indonesia (XYZ Application), since
2021 there has been a doubling of application
installations from the previous year. Moreover, from
the telemedicine side, it has increased almost 10
times from before [4]. According to previous study
by Hidayat [6], the widespread use of a system or
application causes the importance of obtaining user
acceptance as a determinant of the success of a
system which will be discussed in the next section.

2.2 User Acceptance

User Acceptance is described as the availability
of users in implementing information technology to
support or support activities that are in accordance
with technology functions [13]. User acceptance is
frequently used to determine the success or failure of
an information system project. In other word, the
higher the acceptance level of an information
technology, the higher the user’s desire in using its
technology.
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The involvement of user acceptance is the key in
the implementation and further development of
information technology. To enhance the level of
technology use and user adoption, the emphasis on
factors that can influence user acceptance should be
increased [14]. Therefore, it is important to do an
exploration related to user acceptance on XYZ
Application.

2.3 Unified Theory of Acceptance and Use of
Technology 2 (UTAUT 2)

UTAUT 2 is the result of further development by
Vanketesh et al. from the previous model in 2003
[15]. UTAUT 2 was designed to be more consumer-
focused [16]. With its development, its method can
be used to examine customer acceptance and
technology usage [7].

This model comprised seven primary
independent variables and two dependent variables.
The seven independent constructs are performance
expectancy, effort expectancy, social influence,
facilitating conditions, hedonic motivation, price
value, and habit. As for the dependent constructs,
there were behavioral intentions and use behavior.
The further explanation of each variable is as
follows.

a. Performance Expectancy is the degree to
which users believe the presence of
technology helps them in getting the job
done. Also, it has been shown a substantial
impact on technology acceptance and use
[16].

b. Effort expectancy is the ease in which users
feel when utilizing a technology and it has
been found to have a significant impact in
influencing technological acceptance and
use [16].

c. Social Influence is someone who utilizes
technology and encourage that other people
should likewise use technology [16].

d. Facilitating Condition is referred to the
impression of the resources offered by
technology to facilitate the occurrence of a
behavior to the user [16].

e. Hedonic Motivation is the sense of wonder
that users get from using technology and it
has been shown to have a key role in
determining technology acceptance and use
[16].

f. Price Value is a comparison of the user's
costs and the advantages obtained [16].

g. Habit is a user's proclivity for using a
technology that they have acquired [16].

h. Behavioral intention is formulated as a
users’ desire to utilize technology on a
regular basis [16].

i. The frequency with which users use
technology is referred to as use behavior.
The usage of technology will be encouraged
if users are motivated to do so because they
believe in it. [16].

The variables in UTAUT 2 use four main
variables from the previous UTAUT model and three
additional primary independent variables. The
addition of variables in the UTAUT 2 model may
improve its ability to describe technological
acceptance and utilization. The variance explained in
behavioral intentions by 56% to 74% and technology
use by 40% to 52% when compared to the previous
UTAUT model [16].

2.4 Structural Equation Modeling — Partial
Least Squares (PLS-SEM)

This research’s statistical technique is Partial
Least Squares Structural Equation Modeling or PLS-
SEM. It is a regression-based ordinary least squares
(OLS) estimation method that aims to “minimize the
error terms [and maximize] the R? values of the
(target) endogenous construct” in order to explain
the latent constructs’ variation [17]. It has become a
widely known method for estimating latent variables
and their variable relationships in complex route
models. [18]. This path diagram consists of
independent and dependent latent variables and
indicators that measure each variable. This path
diagram is used to visualize the hypothesis that has
been determined.

In addition, PLS-SEM can also evaluate data
quality based on the measurement model so that
PLS-SEM can still produce estimates even for small
sample sizes and deviations from the assumption of
multivariate normality.

3. RESEARCH METHODOLOGY

The methodology used in this study involved the
explanations of Research Model, Time and Object of
Research, Research Sample, and Data Collection.

3.1 Research Model

This study adopted UTAUT 2 (Unified Theory of
Acceptance and Use of Technology) as the research
model, which was created by Venkatesh et al. in
2003 [15]. Four main variables involved in this
study, namely performance expectancy, effort
expectancy, social influence, and facilitating
conditions. Meanwhile, in UTAUT2 this study
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involved three additional latent variables, namely
hedonic motivation, price value, and habit. Then,
other additional latent variables were concerned
because it was stated that the habit variable and
hedonic motivation became an important influence
on the level of acceptance of the use of a system [19].

The advantage of using the UTAUT2 method is
that this method is better than the TAM method in
measuring the analysis of the success of the
application of information systems with UTAUT
reaching 70.7%, while TAM can only measure
62.1% [20]. Previous research that has been carried
out using UTAUT 2 assumes that UTAUT 2 is an
acceptance analysis method which is a refinement of
the previous methods [21]. All the advantages of
UTAUT2 and the framework presented are very
appropriate with the needs of this research.

Figure 2: Research Model

Hypothesis:

H1: Performance Expectancy (PE) influences
Behavioral Intention significantly.

H2: Effort Expectancy (EE) influences
Behavioral Intention significantly.

H3: Social Influence (SI) influences Behavioral
Intention significantly.

H4: Facilitating Conditions (FC) influences
Behavioral Intention significantly.

HS: Facilitating Conditions (FC) influences Use
Behavior significantly.

H6: Hedonic Motivation (HM) influences
Behavioral Intention significantly.

H7: Price Value (PV) influences Behavioral
Intention significantly.

HS8: Habit (HB) influences Behavioral Intention
significantly.

H9: Habit (HB)
significantly.

influences Use Behavior

H10: Behavioral Intention (BI) influences Use
Behavior significantly.

3.2 Time and Object of Study

This study was conducted from July to December
2021 to collect the data. The demographic target in
this study was Indonesian XYZ application users,
particularly those based in Jakarta. In addition, there
were no restrictions on the respondents’ age or
gender.

3.3 Research Sample

This study used a non-probability technique,
snowball sampling and the slovin formula to
determine the number of responses in the
questionnaire. According to the previous studies,
researchers can determine the value of the
confidence level or error tolerance of 10% or 0.1 of
the population [22]. The following formula is for for
the slovin formula.

N

=TI Ne?

Information:

n = minimum sample size
N = population size

E = margin of error

Data collected from Kontan.co.id states that XYZ
Application has 20 million active users [23], so this
number will be used as the N value or population
size. So, the sample size to be used is 100
respondents.

3.4 Data Collection Method

Survey was conducted as the data collection by
distributing the questionnaire. The questionnaire, as
the instrument, was made digitally by using Google
Forms and the lead top of mind e-health
Applications, XYZ for subject statements in the
second section to represent e-health applications
generally. The information was then disseminated to
the target group by using social media and instant
messaging systems.

This questionnaire consisted of three sections.
The first section consisted of an opening sentence
which contained the introduction of the author. The
purpose and objectives of the questionnaire and the
request for filling were addressed to the respondent
to fill out the questionnaire. After that, there were
demographic questions regarding the respondent’s
background whether they once used XYZ or not
based on their age, gender, and domicile. Some
questions regarding the respondent’s background
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have validated in using e-health application. If the
respondent has never used the questionnaire, the
questionnaire will be completed immediately and the
data will not be used for analysis and calculations.

In the second section, there is a series of
statements that are divided according to each
variable used in the research model, there were total
27 statements which representing 9 variabels of
UTAUT?2. The statement is made in the form of a
Likert scale and respondents must answer based on
experience in using e-health applications. Table 1 is
the questionnaire statement as follows.

Table 1: Questionnaire Statements

Variable Code Statement

PE1 Using the XYZ e-health application
is useful for me

Performance PE2
Expectancy
(PE)

Using the XYZ e-health application
increases the efficiency of online
health consultations for me

PE3 XYZ e-health application helps
solve my health problems faster

EE1 XYZ application increases the
efficiency of time and energy spent
Effort

EE2 The flow process of each feature of

the XYZ consultation is structured

Expectancy
(EE)

EE3 I find the XYZ e-health application

casy to use

N I use the XYZ e-health application
because people around me use it

S12 People in my surroundings
recommended me to use the XYZ E-
Health Application

Social
Influence (SI)

SI3 People in my surroundings use XYZ
application just to look trendy.

FC1 I have the knowledge and access to
the resources that needed to use the
XYZ e-health application

FC2 It's easy for me to obtain assistance
in using the XYZ e-health

Facilitating application when I have trouble

Conditions

(FC) FC3 The XYZ e-health application

makes it easier for me by providing
other digital technology service
options that I usually use (Ex: Go-
Pay, Dana, Ovo, and Virtual
Accounts)

HM1 | It's enjoyable to use the XYZ e-

health application.

Hedonic
Motivation
(HM)

HM2 | Using one of XYZ's e-health

features makes me entertained

HM3 | Using the XYZ e-health application
makes myself more valuable

(Prestige)

PV1 The cost of using XYZ e-health is in-

line with the ease of consultation

Value that I get

Price

(PV)

PV2 the price of using XYZ e-health is

affordable

PV3 The consultation fee is reasonable in
comparison to the benefits provided

by XYZ.

HB1 | The use of the XYZ e-health
application has become a habit for

me

HB2 | I choose to use the XYZ e-health
application for consultation on
health problems compared to other

applications

Habit (HB)

HB3 | When I experience health problems,
I automatically use the XYZ e-
health application compared to

conventional consultations

BII I want to use the XYZ e-health
application again after my first
experience and use the application
continuously

Behavioral

Intention (B) BI2 The XYZ e-health application has

provided a good service

BI3 I often hear or see other users talking
positively about the XYZ e-health
application

UB1 | Overall, using the XYZ e-health

application in providing health
solutions makes me feel satisfied

Use Behavior | UB2 | Apart from health purposes, I also
(UB) use the XYZ e-health application for
other things
UB3 | I use the XYZ e-health application
consistently

Finally, the last part or the closing section
contains non-mandatory questions regarding the
contact of respondents who can be contacted for
giving the lucky draw prizes and also thanks for the
time taken by respondents to fill out the
questionnaire.

This study also includes secondary research data
from many academic journals and previous research
in addition to data acquired through the survey. It
was used to back up the theories and concepts that
were utilized in this study.

4. RESULT AND DISCUSSION

XYZ, as the main focus of this study, was used in
this study. In this section, the results of analyzing
data by using PLS-SEM method will be discussed.
There were two stages in evaluating the model,
namely Evaluation of the Measurement Model (The
Outer Model) and Evaluation of the Structural
Model (The Inner Model) [24]. The measurement
model evaluation, also known as the outer model, is
a model that is used to analyze the reliability and
validity of variable indicators and their
corresponding constructs [25]. The structural model,
also known as the inner model, is a model that is used
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to specify an unknown relationship between the
independent and dependent variables [26].

4.1 Descriptive Analysis

This research successfully acquired a total of 221
respondents in around three months of data
collection. However, not all of the respondents used
e-health apps and lived in Jakarta. Only 190 out of
the total respondents who have ever used an e-health
application and live in Jakarta were able to be
evaluated in this study. This number still exceeds the
minimum sample size determined using the Slovin
technique, which is 100 respondents.

Table 2: Respondent Demographic

Demographic
Variabel Category Frequency
Ever used E- Yes 207
Health
Application? No 14
Domicile in Yes 190
Jakarta? No 17
Female 116
Gender
Male 74
16 - 20 29
21-30 132
31-40 14
Age
41 - 50 11
51-56 5
>56 0
South Jakarta 80
North Jakarta 9
]
Jakz}rta S Central Jakarta 21
Regional
West Jakarta 66
East Jakarta 21

There are 116 females and 74 males among the
190 responders, indicating that females are more
prevalent. However, with 132 participants, the
majority of the responses are between the ages of 21
and 30. And the majority of the respondents (80
persons) live in South Jakarta.

4.2 Outer Model Analysis
Outer models, or commonly called
measurement models, are models commonly used to

evaluate variable indicators with their appropriate
constructs [25]. In this part, the testing at the outer
model consisted of Internal Consistency Reliability
and Convergent Validity.
4.2.1 Internal consistency reliability test
Internal consistency reliability testing refers to
the process of determining the consistency of a
variable’s indicator. This measurement can be used
by using composite reliability or Cronbach’s alpha.
Furthermore, it will use these two measurements.

A higher value in the reliability test indicated a
higher level of reliability or reliability. Variables can
be declared reliable or reliable if the composite
reliability value is above 0.7 [27].

Table 3: Composite Reliability Test Result

Variable CRghn;;;;;::ttye
BI 0.889
EE 0.856
FC 0.876
HB 0.838
HM 0.884
PE 0.853
PV 0.924
SI 0.912
UB 0.864

The table above showed the Composite

Reliability value of each variable having a value
above the threshold of 0.7. It signifies that all
variables were dependable and were included in the
analysis and not excluded from the model.

Table 4: Cronbach's Alpha Test Result

Variable CI‘OAI;:))::;h'S
BI 0.813
EE 0.750
FC 0.798
HB 0.707
HM 0.803
PE 0.746
PV 0.876
SI 0.856
UB 0.766
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The Cronbach’s Alpha value of each variable
with a value above than 0.7 was shown in the Table
4. In the Cronbach’s Alpha test, the variable can be
declared reliable if the value was above 0.7. It can be
inferred that all variables have met the criteria and it
can be declared reliable.

4.2.2  Convergent validity test

Average Variance Extracted (AVE) was
performed by using a convergent validity test. To be
acceptable, each variable must be equal to or higher
than 0.5.

A value of 0.5 or higher suggests that the variable
can explain half or more of the construct’s indicator
variants [28].

Table 5: Average Variance Extracted Test Result

Voae | Ay i
Behavioral Intention 0.727
Effort Expectancy 0.668
Facilitating Condition 0.703
Habit 0.634
Hedonic Motivation 0.718
Performance Expectancy 0.661
Price Value 0.802
Social Influence 0.777
Use Behavior 0.682

In table 5, each construct has an average variance
extracted value above 0.5. In other words, each
construct can explain 50% or more of the indicators
that make up the construct and can pass the
convergent validity test because it meets the criteria.

4.3 Inner Model Analysis

Processing is required for the inner model at this
stage in order to examine the connection between the
independent and dependent variables. There are
several tests that must determine so that the Inner
Model can meet the criteria, including the test
coefficient of determination (R?).

Examining the coefficient of determination
explained that the measurement of the explanatory
power of the model can be used to see the ability of
exogenous variables to affect the endogenous
variables.

Table 6: R Square Test Result

Dependent R Square
Variable IR Adjusted
Behavioral 0.607 0.592
Intention
Use Behavior 0.301 0.289

Based on the results in Table 6, it showed that the
R? value of each endogenous variable used in the
study. The endogenous latent variable Behavioral
Intention (BI) has an R? value of 0.607. It means that
it was influenced by 60.7% by the variables of
Performance Expectancy, Effort Expectancy, Social
Influence, Facilitating  Condition, = Hedonic
Motivation, Price Value and Habit. Other
characteristics not included in the study have a
39.3% influence on BI.

The endogenous latent variable Use Behavior
(UB) has an R? value of 0.301, indicating that the
variables Facilitating Condition, Habit, and
Behavioral Intention influence it by 30.1%.
Meanwhile, variables out of the study have a 69.9%
influence on UB.

The findings of this testing and processing
investigation revealed that the overall model under
consideration fit the data or could reflect a reality or
occurrence. This is necessary in order for this study
to be considered legitimate and reliable.

By validating all of the outcomes in a fit model
(path diagram), all variables that are valid and
reliable could be a reflection of the latent variable.

Figure 3: Final Model Output

Table 7 showed the results of hypothesis testing
using the data collected as follows.
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Table 7: Hypothesis Testing Result

Path t- o
Path Coefficient statistics Description
PE - BI 0.167 2,381 I?OS}tlve;
Significant
EE - BI 0.098 1,277 Positive; Not
Significant
SI > BI 0.080 1,540 Positive; Not
Significant
FC-> BI 0.006 0.102 Positive; Not
Significant
FC > UB 0.036 0.484 Posltlye; Not
Significant
HM - BI -0.021 0.345 Negatwes; Not
Significant
PV - BI 0.378 4.624 POS}tlve;
Significant
HB-> BI 0.298 4.721 POS}tlve;
Significant
HB > UB 0.391 4.324 POS}tlve;
Significant
BI > UB 0.192 2.052 POS}tlve;
Significant

The structural model represents the relationship
between constructs, and one of the ways in which
this relationship is evaluated is through the use of
path coefficients. The path coefficient and t-statistics
values for each relationship are shown in Table 6. A
positive path coefficient indicates a positive
correlation between the independent and dependent
variables. The usage of the t-statistics value aimed to
determine its significance. If the t-statistics value is
higher than 1.96, the correlation was likely to be
significant.

As a result of the findings, nine of the
relationships have a positive path coefficient,
indicating that the independent latent variable has a
positive effect on the user’s intention and/or
behavior when using e-health application. Half of
the ten relationships have a significant relationship.
Based on the result of testing hypothesis, it was
found that:

H1: Performance Expectancy influences
Behavioral Intention significantly

According to the findings, the Performance
Expectancy variable influences Behavior Intention
significantly. The results of this study showed that
the evidenced by the t-statistics value of 2.381 and
the path coefficient value of 0.167 obtained from
data processing. This hypothesis was accepted or
significantly effect each other. The reason was that
the t-statistics value was above 1.96 and the path
coefficient below was above 0.1.

The result of this study is in line with the findings
of previous studies by Palau-Samuell et al. [21] and

Kartikasari et al. [29]. Performance Expectancy has
a significant effect on Behavioral Intention. It is
possible to conclude that users find that using the
XYZ e-health application is useful in everyday life,
and it can improve the efficiency of meeting their
daily needs, particularly in the health sector.

This study suggested that XYZ should maintain
and continue to improve performance based on user
needs in order to sustain and continue to improve
user intention to use the application.

H2: Effort Expectancy influences Behavioral
Intention significantly

According to the findings, the Effort Expectancy
variable does not influence the Behavior Intention
significantly. This is evidenced by the t-statistics
value of 1.277 and the path coefficient value of 0.098
obtained from data processing. This hypothesis was
rejected or doesn’t significantly effect each other.
The reason was that the t-statistics value was below
1.96 and the path coefficient was below 0.1.

This study results are supported with those of
previous studies by Lubis et al. [30] and Putra et al.
[31] where Effort Expectancy has no significant
effect on Behavioral Intention. This is possible
because the XYZ application is a service and health
application, and users use it because it provides
service support when the user in need of assistance.
As a result, the factor of effort is no longer relevant
d have no effect on user intention. This is supported
by the results of the distributed surveys, which
shows that most respondents were already satisfied
with the XYZ application's ease of use.

Although Effort Expectancy is not the primary
motivation for intention of user in using XYZ
application, this does not mean that there is no room
for improvement. The recommendation made to
enhance this variable was to provide a suggestion
shortcut feature based on prior transactions (history)
in order to reduce the time users spend following the
application's flow of use.

Behavioral

H3: Social Influence influences

Intention significantly

According to the findings, the Social Influence
variable does not influence the Behavior Intention
significantly. This can be seen by examining at the t-
statistics value of 1.54 and the path coefficient value
of 0.08. This hypothesis was rejected or doesn’t
significantly effect each other. The reason was that
the t-statistics value was below 1.96 and the path
coefficient was below 0.1.
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The result of this study is in line with the findings
of previous studies by Palau-Samuell et al. [21] and
Suki & Suki [32], where found that Social Influence
has no significant effect on Behavioral Intention.
There are 2 possible explanation of this result, first it
is because the XYZ application is an application that
provides health services where most of these
services are used for people who have health
complaints or want to buy medicine needs. Thus,
social influence from other people does not increase
user interest in using the application because the
intention of using of the application returns to the
needs of the person himself and there are numerous
offline and online pharmacies and health care
providers that they usually choose. Second, this
result is also reinforced by the statement in the
previous study by Palau-Samuell et al. [21] that
states if the study finds that habit has a strong
significant influence on behavioral intention, as this
study of XYZ application also discovered, then the
social norm becomes less relevant and had no
significant effect on intention of wusing the
application.

Although Social Influence is not the primary
motivation for intention of user in using the XYZ
application, this does not mean that there is no room
for improvement. There are two suggestions for
improving this variable. To begin, by boosting
promotions through social media that are on the rise
regarding positive testimonials and what benefits
can only be felt if using an application to pique the
interest of a large number of people. Second,
develop a campaign that leverages influencers to
increase brand awareness of the XYZ application,
with the goal of enhance the people awareness about
the existence of trustworthy health applications.

H4: Facilitating Condition influences Behavioral
Intention significantly

According to the findings, the Facilitating
Condition variable does not influence the Behavior
Intention significantly. This can be revealed from the
0.102 t-statistics value and the 0.006 path coefficient
value collected during data processing. This
hypothesis was rejected or doesn’t significantly
effect each other. The reason was that the t-statistics
value was below 1.96 and the path coefficient was
below 0.1.

The result of this study is in line with the findings
of previous studies by Lubis et al. [30] and Hariyanti
et al. [33], where also found that Facilitating
Condition has no significant effect on Behavioral
Intention. This shows that the technical

infrastructure and functional availability that
supports XYZ application does not increase user
intention in the use of its application. It is possible
because when compared to various other
applications, including e-health and other service
applications. XYZ application still has limited e-
wallet application alternatives. Apart from the
banking application, XYZ presently partners with
only a single e-wallet, Gopay. This forces the user to
be more selective in selecting other applications that
provide more customization option for user’s e-
wallet application.

Although Facilitating Condition is not the
primary motivation for intention of user in using
XYZ application, this does not mean that there is no
room for improvement. This study suggests XYZ to
enhance collaboration with e-wallets in order to
boost the diversity of payment services available in
the XYZ application, allowing users to choose from
a variety of possibilities.

HS: Facilitation Condition influences Use

Behavior significantly

The results indicated that the Facilitating
Condition does not influence Use Behavioral
significantly. From the t-statistics value collected
from data processing, the result was 0.484 and the
path coefficient value collected was 0.036. This
hypothesis was rejected or doesn’t significantly
effect each other. The reason was that the t-statistics
value was below 1.96 and the path coefficient was
below 0.1.

The result of this study is supported by Hariyanti
et al. [33], where also found that Facilitating
Condition has no significant effect on Use Behavior.
It demonstrated that the technical infrastructure and
functional availability necessary to support the XYZ
application do not incentivize people to use it. This
conclusion is consistent with previous hypothesis
where Facilitating Condition had no significant
effect on Behavioral Intention and had the same
reason which are the limited e-wallet application
alternatives of XYZ application. Apart from the
banking application, XYZ presently partners with
only a single e-wallet, Gopay. This may lead users to
choose applications that offer a wider range of e-
wallet applications to match the e-wallet that the user
has.

This conclusion corresponds to the outcome of
the hypothesis where Facilitating Condition had
significant effect on Behavioral Intention. The
suggestion for this study is identical to the last one,
namely enhancing collaboration with e-wallets in
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order to boost the diversity of payment services
available in the XYZ application, allowing users to
choose from a variety of possibilities.

H6: Hedonic Motivation influences Behavioral
Intention significantly

The Hedonic Motivation variable does not
influence Behavior Intention significantly. It can be
seen from the t-statistics value collected from data
processing, which is 0.345. and the path coefficient
value collected is -0.021. This hypothesis was
rejected or doesn’t significantly effect each other.
The reason was that the t-statistics value was below
1.96 and the path coefficient was below 0.1.

Kartikasari et al. [29] and Fatihanisya &
Purnamasari [34] supported the findings in this study
that there is no significantly effect on Behavioral

Intention from Hedonic Motivation. It may be
concluded that users’ hedonic motivations, such as
entertainment, fun, interactive features, and
sensations of pride and privilege found no effect on
their intention to use the XYZ application. A
possible explanation to this result because XYZ is an
application that provide providing health services
and assistance, and the user's intention in using it is
to obtain solutions and services related to user’s
health, not for recreational pleasure purposes
(hedonism).

Although Hedonic Motivation is not the primary
motivation for intention of user in using XYZ
application, this does not mean that there is no room
for improvement. The suggestion made for this
variable is to add a feature that allows users to select
auser interface theme application that may be altered
according to the user’s preferences, hence enhancing
user ease and excitement.

H7: Price Value influences Behavioral Intention
significantly

According to the findings, the Price Value
variable influences Behavior Intention significantly.
This can be seen in the t-statistics value of 4.624 and
the path coefficient value of 0.378 obtained from
data processing. This hypothesis was accepted or
significantly effect each other. The reason was that
the t-statistics value was above 1.96 and the path
coefficient was above 0.1.

Hariyanti et al. [33] found that Price Value has
significant effect on Behavioral Intention and it has
the same result as this study. The user’s perceived
price value is consistent with the service received

and the more awareness of benefits and the lower
costs that users can get in using the application can
increase the user’s intention of using the XYZ
application.

To sustain and continue to enhance user intention
to use the application, this study suggest that the
discount promotions or cashback from a transaction
continue to be maintained on a consistent basis.
Furthermore, XYZ application can provide points
that are awarded for each transaction, which can then
be redeemed for discounted vouchers or free
consultations. This can be accomplished by
collaborating with the XYZ application's pharmacy
merchants, clinics, doctor partners, and e-wallet
companies.

HS8: Habit
significantly

influences Behavioral Intention

The results indicated that the Habit variable
influences Behavior Intention significantly. From
the t-statistics value collected from data processing,
the result is 4.721 and the path coefficient value
collected is 0.298. This hypothesis was accepted or
significantly effect each other. The reason was that
the t-statistics value was above 1.96 and the path
coefficient was above 0.1.

According to the result above, habit is the
strongest factors affecting the user’s intention of
using the XYZ application. Pulau-Samuell et al. [21]
and Lubis et al. [30] also found that Habit were the
most factors that has significant effect on Behavioral
Intention. The continuous use of the application will
instill a user’s belief in the XYZ application’s online
health services in compared to other online health
service providers and will increase user’s intention
to use the application. It is also can be conclude that
the more automated the user is in using the XYZ
application, it is aligning with the user intention in
using the application.

To sustain and continue to enhance user intention
in its application, this study suggests that XYZ
application must maintain and improve the
advantages that users derive from other variables so
that the application can be reused indefinitely.

H9: Habit influences Use Behavior significantly

According to the findings, the Habit variable
influences Use Behavior significantly. This can be
seen in the t-statistics value of 4.324 and the path
coefficient value of 0.391 obtained from data
processing This hypothesis was accepted or
significantly effect each other. The reason was that
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the t-statistics value was above 1.96 and the path
coefficient was above 0.1.

Pulau-Samuell et al. [21] and Lubis et al. [30]
have the same results as this study. In short, the
continuous use of the application will instill a user's
belief in the XYZ application's online health services
in compared to other online health service providers
and will increase the use the application. In addition,
the more automated the user’s contact with the XYZ
software, the more frequently the application will be
used as a user health assistant.

This finding supports a previous hypothesis in
which habit had a significant effect on Behavioral
Intention. XYZ application must preserve and
improve the benefits that users obtain from other
factors in order for the application to be reused
indefinitely.

H10: Use

Behavioral Intention influence

Behavior significantly

According to the findings, the Behavior Intention
variable influences Use Behavior significantly. The
path coefficient value obtained from data processing
is 0.192, and the t-statistics value obtained from data
processing is 2.052. This hypothesis was accepted or
significantly effect each other. The reason was that
the t-statistics value was above 1.96 and the path
coefficient was above 0.1.

Lubis et al [30] and Hariyanti et al. [33] found the
same results that Behavioral Intention has significant
effect on Use Behavior. To sum up, the users are
more likely to use XYZ application if user have the
intention in using it.

The user's intention can last indefinitely if the e-
health application continues to implement strategies
for user retention and makes the e-health application
a daily solution for users by following the
recommendations of other variables in this study,
particularly those found to have a significant effect
on behavior intention; Performance Expectancy,
Habits, and Price Value.

5. CONCLUSION & SUGGESTION

This section contains explanations of discussion
and interpretations that refer to conclusions and
suggestions on the results of the research.

5.1 Conclusion

Since the Covid-19 pandemic, the number of
users of e-health applications has increased. This
phenomenon resulted in the increase of variations in

user behavior, which can be analyzed to identify a
pattern that can be interpreted as a strategy to
improve the quality of e-health applications.

Hence, this phenomenon can be took as an
advantage to do a research to analyze on the data of
the factor that affects user acceptance of XYZ e-
health application by adopting the UTAUT2 method
using the seven independent variable which are
performance expectancy, effort expectancy, social
influence, facilitating condition, hedonic motivation,
price value, habit and two dependent variable
behavioral intention and use behavior. The data was
collected from e-health application users within
Jakarta area and analyzed using PLS-SEM. The
result of this study can be drawn include the
following.

1. Performance Expectancy, Price value and
Habit significantly affects behavioral
intention of XYZ application’s users.

2. Effort Expectancy, Social Influence,
Facilitating Condition, Hedonic Motivation
does not significantly affects behavioral
intention of XYZ application’s users.

3. Habit and Behavioral Intention
significantly affects use behavior of XYZ
application’s users.

4. Facilitating Condition does not
significantly affects behavior of XYZ
application’s users.

Based on the findings above, improving the
variables that have significantly affect the behavioral
intention, which are Performance Expectancy, Price
value and Habit, it can increase the users’ desire to
utilize the XYZ e-health application on a regular
basis rather than other variables.

In addition to the variables that have a significant
impact on use behavior, which are Habit and
Behavioral intention. By improving those variables,
rather than the facilitating condition, it is possible to
influence the frequency with which users use the
application.

This study provides several recommendations for
each variable in the result and discussion chapter
above. There is additional recommendation that can
be developed for platform owners is to create an
innovation that is carried out regularly or
continuously so that it becomes a habit for users. One
example of innovation that can be done is to create a
promo or health consultation campaign that is
routinely held every month. This campaign has the
potential to boost user habit and pricing value in the
app, which will have a big impact on their desire to
use the service.
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5.2 Suggestion

From the research results collected, several
recommendations are proposed as a complement. As
a result of this research:

1. The proposed recommendations can be
considered by XYZ applications as an effort to
improve application performance in terms of
user acceptance

2. The findings can be used for other e-health
application to determine the factors that
influence behavior intention and use in other e-
health applications. Thus those other e-health
applications can consider these factors into
account while optimizing performance.

Meanwhile, some aspects that are lacking in this
research are expected to be improved in further
research, such as respondents related to regional
demographics and age. The respondents in this study
were highly concentrated in their 16s and 30s and
only focused on the DKI Jakarta area, which could
potentially not represent the entire population.

Therefore, further research is expected to be able
to use data from respondents with a more varied age
range, such as respondents from the elderly and a
wider area, such as respondents who live in Greater
Jakarta. In addition, future studies can use other
research models in order to produce findings from a
different perspective beyond the variables used in
UTAUT.
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